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Abstract 
 

Purpose and Design: This research aims to develop and empirically validate an intelligent digital audit model leveraging Federated Learning (FL) and 
Explainable Artificial Intelligence (XAI) to prevent and detect digital fraud and corruption within banks listed on the Egyptian Stock Exchange (EGX). The study 
responds to urgent calls for technological solutions to mitigate risks arising from digital fraud perpetrated by both external actors and internal stakeholders, 
including auditors and governance officers. It also seeks to support regulatory reform efforts by the Egyptian Financial Regulatory Authority (FRA). Method and 
Approach: Employing a mixed-methods research design, the study integrates quantitative survey analysis and qualitative elite interviews. A structured survey was 
administered to 120 audit professionals, governance officers, and financial executives in EGX-listed banks. Additionally, 15 semi-structured interviews were 
conducted with international audit and regulatory experts from developed markets such as the UK and US. Partial Least Squares Structural Equation Modeling 
(PLS-SEM) tested the research hypotheses, while thematic analysis explored cross-market insights. A comparative case study analysis was also performed to 
benchmark Egypt’s governance practices against established regulatory models abroad. Findings: Results confirm that integrating FL and XAI significantly 
enhances audit quality, strengthens internal control evaluation, and improves fraud and corruption detection in EGX-listed banks. Governance quality mediates 
these benefits, while digital maturity moderates the successful deployment of FL-XAI systems. Comparative insights reveal stark differences between Egypt and 
developed markets in regulatory readiness, technological adoption, and auditor accountability, highlighting critical areas for policy intervention. Originality and 
Value: This study represents the first empirical application of an integrated FL-XAI audit framework focused on preventing and detecting digital fraud and 
corruption in an emerging market banking sector. It uniquely bridges technical innovation with practical regulatory implications, offering a novel pathway for 
legislative reforms by the FRA. Theoretical, Practical, and Social Implications: Theoretically, the research extends Technology Acceptance Model (TAM), 
Agency Theory, and Governance Theory in digital audit contexts. Practically, it offers actionable recommendations for Egyptian regulators and audit professionals, 
including potential legal mandates for digital audit tools. Socially, it contributes to financial integrity, investor protection, and sustainable governance, aligning 
with Egypt Vision 2030. 
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1. INTRODUCTION 

 
1.1 Background and Context 
 
1.1.1 Global Rise of Digital Fraud and Corruption 
 
The global banking and financial sectors are experiencing an unprecedented rise in digital fraud and corruption, driven by rapid 
digitization, increasing transaction volumes, and the growing sophistication of cybercriminals. Large-scale scandals such as the 
Wirecard fraud in Germany, where artificial revenue streams were created through complex digital transactions, highlight how 
digital manipulation can evade traditional audit techniques (Sikka, 2019). Similarly, the Carillion collapse in the UK underscored 
governance failures and limitations in detecting fraud signals amidst vast digital records (Quick & Schmidt, 2021). Emerging 
markets are particularly vulnerable, given their ongoing transition towards digital governance, coupled with regulatory 
frameworks that may lack the technological maturity found in developed economies (Appelbaum et al., 2017). In Egypt, the 
financial sector, especially banks listed on the Egyptian Exchange (EGX), faces mounting risks of digital fraud and internal 
corruption, exacerbated by gaps in digital oversight and fragmented audit practices (FRA, 2023). 
 
1.2.1 The Need for Intelligent Digital Audit Models 
 
Traditional auditing approaches, largely manual and sample-based, often fail to detect complex digital fraud or corruption schemes 
concealed within massive volumes of electronic transactions. Studies have shown that even technologically advanced audit firms 
struggle with interpreting anomalies detected by AI systems if the algorithms themselves remain opaque (Yoon et al., 2020). This 
opacity fuels mistrust among regulators, boards, and audit committees, who demand transparent, explainable outputs from any 
digital tools used in governance (Christensen et al., 2014). 
 
There is thus a pressing need for intelligent digital audit models that: 
 
• Integrate privacy-preserving technologies like Federated Learning to enable collaborative detection efforts across institutions 

without exposing sensitive data. 
• Employ Explainable AI (XAI) to produce transparent and understandable fraud detection results, building trust among 

stakeholders (Appelbaum et al., 2017; Yoon et al., 2020). 



For Egypt, implementing such models is not merely a technological upgrade it is essential for aligning with international 
standards, safeguarding investor confidence, and supporting Egypt Vision 2030’s goals for financial governance and integrity 
(FRA, 2023). Addressing these gaps through innovative audit frameworks can significantly enhance both regulatory oversight and 
the resilience of Egypt’s banking sector. 
 
1.2 Research Problem 
 
Despite global advancements in audit technologies and regulatory frameworks, Egypt’s banking sector particularly banks listed on 
the Egyptian Exchange (EGX) remains vulnerable to sophisticated forms of digital fraud and corruption. Traditional auditing 
practices, dominated by manual reviews, sample testing, and retrospective assessments, often fail to detect fraud schemes 
embedded within large-scale digital transactions and complex IT infrastructures (Appelbaum et al., 2017; Yoon et al., 2020). 
Moreover, many audit professionals in Egypt report hesitancy in adopting advanced technologies like Artificial Intelligence due to 
the black-box problem, wherein machine learning outputs lack explainability, causing significant skepticism among regulators and 
boards (Christensen et al., 2014). This skepticism inhibits the widespread integration of digital tools that could otherwise enhance 
fraud detection and governance oversight (Quick & Schmidt, 2021). A critical challenge is Egypt’s regulatory gap concerning 
mandatory digital audit mechanisms. Unlike developed markets where regulatory bodies such as the PCAOB in the US and the 
FRC in the UK enforce transparency in audit processes and demand digital evidence of fraud detection activities, Egypt has yet to 
formalize similar legal mandates (FRA, 2023). This leaves EGX-listed banks exposed to the risks of internal collusion, data 
manipulation, and sophisticated cyber fraud, often involving actors from within the organization itself. 
 
Therefore, this research investigates the following core problem: 
 
“How can an intelligent digital audit model, integrating Federated Learning and Explainable AI, be developed and implemented to 
prevent and detect digital fraud and corruption in EGX-listed banks, and how can its insights support the formulation of regulatory 
reforms by the FRA?” 
 
This problem is significant because it transcends mere technological adoption and extends into legal, ethical, and governance 
domains, demanding a holistic solution that bridges technical innovation with regulatory policy and practical audit practice 
(Appelbaum et al., 2017; Yoon et al., 2020; FRA, 2023). 
 
1.3 Purpose and Objectives 
 
The primary purpose of this research is to develop and empirically validate an intelligent digital audit model that integrates 
Federated Learning (FL) and Explainable Artificial Intelligence (XAI) for the prevention and detection of digital fraud and 
corruption in banks listed on the Egyptian Exchange (EGX). This study arises from the pressing need to modernize audit practices 
in Egypt’s financial sector, moving beyond traditional, manual methods that have proven insufficient in addressing the 
complexities of digital fraud and internal corruption risks (Appelbaum et al., 2017; Quick & Schmidt, 2021). 
 
Moreover, the research aims to bridge the significant gap between technological innovation and regulatory policy, ensuring that 
any proposed digital audit solutions align with both international standards and the specific requirements of Egypt’s regulatory 
landscape (Christensen et al., 2014). The intention is not only to enhance technical detection capabilities but also to create a solid 
foundation for regulatory reforms and potential legislative initiatives by the Financial Regulatory Authority (FRA), thereby 
contributing to greater financial transparency and governance integrity (FRA, 2023). 
 
This research seeks to achieve the following specific objectives: 
 
1. To design an intelligent digital audit model that combines Federated Learning and Explainable AI for effective fraud and 

corruption detection in EGX-listed banks. 
2. To empirically test the proposed model through quantitative surveys and qualitative interviews, assessing its effectiveness in 

enhancing audit quality, internal control evaluations, and fraud detection (Yoon et al., 2020). 
3. To compare Egypt’s audit and regulatory environment with that of developed markets (e.g., UK, US) to extract best practices 

and lessons applicable to the Egyptian context (Sikka, 2019). 
4. To identify regulatory gaps and propose actionable recommendations for FRA to integrate digital audit tools and enforce 

governance reforms. 
5. To formulate a preliminary draft of a proposed law or regulatory decree based on research findings, aimed at mandating digital 

fraud prevention technologies in EGX-listed banks. 
 
Addressing these objectives will significantly contribute to reducing Egypt’s exposure to digital fraud, strengthening investor 
confidence, and supporting Egypt Vision 2030 goals for sustainable governance and economic stability (FRA, 2023; Quick & 
Schmidt, 2021). 
 
1.4 Research Questions 
 
Given the increasing risks of digital fraud and corruption in the banking sector, particularly in emerging markets like Egypt, this 
research seeks to address critical gaps in both technological capabilities and regulatory frameworks. Scholars have emphasized 
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that while digital tools like Artificial Intelligence (AI) offer powerful means of fraud detection, their adoption remains limited due 
to regulatory uncertainty and a lack of explainable, transparent methodologies (Yoon et al., 2020; Christensen et al., 2014). In 
Egypt, these challenges are magnified by the absence of legally mandated digital audit systems, creating vulnerabilities in banks 
listed on the Egyptian Exchange (EGX) (FRA, 2023). 
 
Furthermore, comparative studies highlight how developed markets have embedded digital oversight into regulatory practice, 
ensuring proactive fraud detection and enhancing governance accountability (Sikka, 2019; Quick & Schmidt, 2021). In contrast, 
Egypt’s regulatory infrastructure has yet to fully integrate such technological advances, leaving significant gaps in institutional 
capacity and legal compliance mechanisms. 
 
To address these complexities, the study is guided by the following research questions: 
 
1. How can an intelligent digital audit model integrating Federated Learning (FL) and Explainable AI (XAI) be designed to 

effectively prevent and detect digital fraud and corruption in EGX-listed banks? 
2. What is the empirical evidence regarding the effectiveness of such a model in enhancing audit quality, internal control 

evaluation, and fraud detection capabilities within the Egyptian banking context? 
3. How do regulatory practices and technological applications in developed markets (e.g., UK, US) compare to Egypt’s current 

environment concerning digital fraud prevention and governance oversight? 
4. What regulatory gaps exist in Egypt’s current legal framework, and how can research findings inform the formulation of new 

laws or decrees to mandate digital audit systems in EGX-listed banks? 
 
Addressing these questions is crucial for bridging the divide between innovative digital audit solutions and practical regulatory 
reforms, thus ensuring that Egypt’s financial institutions can effectively safeguard against evolving digital threats and align with 
international governance standards (Yoon et al., 2020; Christensen et al., 2014; FRA, 2023). 
 
1.5 Significance of the Study 
 
The significance of this research lies in its unique intersection of technological innovation, audit practice, and regulatory policy 
within Egypt’s banking sector. In an era marked by rising digital fraud and complex corruption schemes, traditional audit methods 
have proven insufficient to safeguard financial integrity and protect stakeholder interests, particularly in emerging markets where 
regulatory frameworks often lag behind technological progress (Appelbaum et al., 2017; Yoon et al., 2020). This study is the first 
to empirically integrate Federated Learning (FL) and Explainable Artificial Intelligence (XAI) into a comprehensive digital audit 
model tailored to the specific needs and constraints of EGX-listed banks. While prior research has discussed the theoretical 
benefits of AI in auditing, there remains a substantial gap in practical, real-world applications that can guide policy reforms and 
legislative actions (Christensen et al., 2014; Quick & Schmidt, 2021). Furthermore, the study contributes to the ongoing discourse 
on bridging the black-box problem of AI by demonstrating how XAI can enhance transparency, trust, and accountability in digital 
fraud detection systems. This is crucial for regulators, boards, and audit committees who must rely on verifiable evidence when 
making governance decisions (Sikka, 2019). 
 
The practical value of this research extends beyond technological innovation. It offers: 
 
• A model adaptable for regulatory mandates by the Financial Regulatory Authority (FRA). 
• Insights into best practices derived from comparative analyses of developed markets like the UK and US. 
• A foundation for drafting legislative frameworks to institutionalize digital audit practices in Egypt’s financial sector. 
 
Socially, the study aligns with Egypt Vision 2030, supporting sustainable governance, economic stability, and investor confidence 
by mitigating the risks associated with digital fraud and corruption (FRA, 2023). By addressing the critical intersection of 
technology, law, and audit practice, this research stands to significantly enhance Egypt’s financial ecosystem, positioning it closer 
to global standards and reinforcing national resilience against emerging digital threats. 
 
1.6 Structure of the Study 
 
This research is organized into ten comprehensive chapters, each building progressively towards the development and validation 
of an intelligent digital audit model for preventing and detecting digital fraud and corruption in EGX-listed banks, and proposing 
regulatory reforms based on empirical findings. Introduction, Literature Review, Theoretical Framework, Proposed Model and Its 
Variables and Interactions, Research Methodology, Case Studies Analysis, Results and Findings, Discussion and Interpretation, 
Implications and Practical Recommendations, Proposed Regulatory and Legislative Framework Finally, the study concludes with 
reflections on contributions, limitations, and suggestions for future research. 
 
2. LITERATURE REVIEW 
 
2.1 Digital Fraud and Corruption in Banking 
 
The banking sector has undergone significant digital transformation over the past two decades, driven by the proliferation of 
online banking services, mobile applications, and the integration of advanced data analytics into financial operations. While this 
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digital shift has enhanced efficiency and customer experience, it has simultaneously opened new avenues for digital fraud and 
corruption that challenge traditional control mechanisms (Appelbaum et al., 2017; Yoon et al., 2020). Digital fraud in banking 
encompasses various techniques, including phishing, identity theft, malware attacks, and the manipulation of digital transaction 
records. Criminals increasingly exploit sophisticated tools such as AI-driven bots, deepfake technologies, and cyberattacks to 
circumvent security protocols and perpetrate financial crimes at unprecedented scales (Quick & Schmidt, 2021). The threat 
landscape has evolved from simple online scams to highly organized schemes involving coordinated attacks across multiple 
banking channels (Christensen et al., 2014). 
 
Moreover, digital corruption extends beyond external cyberattacks and often involves internal actors such as employees, auditors, 
or governance officers who misuse their access privileges to manipulate digital records, conceal fraudulent activities, or facilitate 
illicit transactions (Sikka, 2019). For example, the Wirecard scandal in Germany revealed how digital records were fabricated to 
hide nonexistent revenues, deceiving regulators, investors, and auditors for years (Wirecard AG, 2020). Such cases highlight the 
limitations of traditional audit practices, which are frequently retrospective and reliant on manual sampling, making them 
inadequate for detecting concealed digital manipulations (FRA, 2023). 
 
Emerging markets like Egypt face heightened vulnerabilities due to several factors: 
 
• Limited regulatory frameworks explicitly addressing digital fraud and cybercrime. 
• Inconsistent technological infrastructure across financial institutions. 
• A skills gap among audit professionals in utilizing advanced digital tools for fraud detection (Appelbaum et al., 2017; Quick & 

Schmidt, 2021). 
 
Despite regulatory bodies like Egypt’s Financial Regulatory Authority (FRA) introducing digital governance initiatives, 
significant gaps remain in enforcing real-time fraud detection and ensuring transparency in digital audit processes (FRA, 2023). 
Studies emphasize the critical role of technological innovation, including Artificial Intelligence and Machine Learning, in 
proactively identifying fraud signals embedded within vast volumes of digital transactions (Yoon et al., 2020). However, adoption 
remains slow due to concerns about data privacy, the explainability of AI outputs, and the absence of mandatory legal frameworks 
requiring digital fraud detection systems (Christensen et al., 2014). 
 
Comparative research demonstrates that jurisdictions such as the United States and the United Kingdom have implemented more 
robust digital oversight mechanisms, incorporating mandatory reporting of digital fraud incidents and regulatory inspections 
utilizing advanced data analytics (Sikka, 2019; Wirecard AG, 2020). These practices provide valuable lessons for emerging 
markets seeking to modernize their financial oversight systems and protect against increasingly complex digital threats. 
Ultimately, understanding the dynamics of digital fraud and corruption in banking is crucial for developing an effective regulatory 
response. It requires a holistic approach that integrates technological innovation, regulatory enforcement, and professional training 
to build resilient financial systems capable of safeguarding assets and maintaining stakeholder trust (Quick & Schmidt, 2021; 
FRA, 2023). 
 
2.2 Audit Quality and Digital Transformation 
 
Audit quality has become a critical issue in global financial markets, as stakeholders increasingly demand more reliable, timely, 
and insightful assurance services. Traditional audit approaches, relying heavily on manual procedures, sample testing, and 
retrospective analysis, have proven insufficient in detecting sophisticated fraud, especially in the digital era (Appelbaum et al., 
2017; Christensen et al., 2014). Digital transformation in auditing introduces advanced tools such as data analytics, Artificial 
Intelligence (AI), and Machine Learning (ML), which enable auditors to analyze entire data populations instead of limited 
samples. This shift dramatically increases the probability of detecting anomalies and fraud patterns hidden in vast volumes of 
digital transactions (Yoon et al., 2020; Quick & Schmidt, 2021). However, despite these technological promises, several 
challenges persist. Many audit professionals remain cautious about adopting AI-driven techniques due to concerns over data 
privacy, regulatory compliance, and the black-box problem, where AI outputs are not easily interpretable by humans (Christensen 
et al., 2014; Sikka, 2019). Furthermore, regulatory environments in emerging markets often lack clear guidance on how digital 
audit technologies should be integrated into audit practice (FRA, 2023). As shown in table no. (1) 
 

Table 1. Comparison between Traditional Audit and Digital Audit Approaches 
 

Dimension Traditional Audit Digital Audit (AI & Data Analytics) 

Data Coverage Sample-based testing Full-population analysis 
Fraud Detection Retrospective, rule-based Proactive, pattern recognition via ML 
Speed of Analysis Slow, manual Rapid, automated 
Transparency High human interpretation Potential black-box complexity 
Regulatory Standards Well-established but paper-based Emerging standards, evolving globally 
Cost Efficiency Labour-intensive Potentially lower costs with scalability 

 
The integration of digital technologies into auditing offers the potential to transform audit quality from reactive error detection 
toward proactive fraud prevention and real-time assurance (Appelbaum et al., 2017; Yoon et al., 2020). Nevertheless, practical 
implementation requires clear regulatory guidance, professional training, and frameworks ensuring explainability, particularly in 
sensitive sectors like banking where public trust is paramount (Christensen et al., 2014; FRA, 2023). 
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Emerging markets like Egypt stand to benefit substantially from adopting digital audit techniques, yet must carefully balance 
innovation with regulatory safeguards to avoid unintended consequences (Quick & Schmidt, 2021; Sikka, 2019). 
 
2.3 Federated Learning in Financial Services 
 
The financial services industry has witnessed a surge of interest in advanced machine learning (ML) and artificial intelligence (AI) 
techniques to enhance efficiency, improve risk management, and combat fraud. However, traditional centralized ML approaches 
present significant challenges in highly regulated sectors like banking, primarily due to data privacy concerns, strict compliance 
requirements, and the competitive sensitivities surrounding customer information (Appelbaum et al., 2017; Yoon et al., 2020). 
Federated Learning (FL) has emerged as a promising solution to these constraints. Unlike traditional models that require data 
pooling into a central repository, FL allows multiple institutions to collaboratively train machine learning models while keeping 
sensitive data decentralized and local (McMahan et al., 2017). In an FL setup, local models are trained on institutional datasets, 
and only model parameters not raw data are aggregated centrally, ensuring data confidentiality and compliance with data 
protection laws such as the General Data Protection Regulation (GDPR) (Kairouz et al., 2021). 
 
The implications for financial services are profound. Banks, insurance firms, and regulators can collaboratively detect fraud 
patterns, money laundering activities, and emerging cyber threats without exposing their proprietary or sensitive customer data to 
external entities (Christensen et al., 2014; Quick & Schmidt, 2021). Studies show that FL can achieve predictive performance 
comparable to centralized models while maintaining data privacy, thus balancing technological innovation with regulatory 
requirements (Sikka, 2019; Mohri et al., 2019). Despite its advantages, FL implementation in financial services faces practical 
obstacles. Institutions often differ significantly in their IT infrastructures, regulatory interpretations, and readiness to adopt new 
collaborative models (Appelbaum et al., 2017; Kairouz et al., 2021). Moreover, FL’s success depends on robust cybersecurity 
measures to protect the aggregated model updates, which themselves could be targeted for attacks (McMahan et al., 2017). In 
emerging markets such as Egypt, FL offers an unprecedented opportunity to bridge technological gaps while maintaining 
compliance with national data protection laws. It presents a feasible path for regulators like the Financial Regulatory Authority 
(FRA) to promote collective intelligence in fraud detection without compromising financial secrecy or customer trust (FRA, 
2023). 
 
2.4 Explainable AI in Audit Context 
 
The integration of Artificial Intelligence (AI) into audit processes has generated significant opportunities to enhance audit quality, 
efficiency, and fraud detection capabilities. Advanced algorithms can process massive data volumes, identify complex patterns, 
and provide real-time insights that traditional audit techniques could never achieve (Appelbaum et al., 2017; Yoon et al., 2020). 
However, the practical deployment of AI in auditing faces a major obstacle known as the black-box problem, where AI systems 
produce outputs that are often opaque and difficult for human users to interpret or justify (Christensen et al., 2014; Sikka, 2019). 
In an audit context, explainability is crucial because auditors must not only detect anomalies but also justify their findings to 
regulators, audit committees, and stakeholders. Regulatory bodies worldwide are increasingly emphasizing transparency and 
accountability in AI-driven audit practices (Quick & Schmidt, 2021). For example, the Financial Reporting Council (FRC) in the 
UK and the Public Company Accounting Oversight Board (PCAOB) in the US have highlighted the necessity of maintaining audit 
evidence that is understandable and verifiable (FRC, 2022; PCAOB, 2021). Explainable AI (XAI) aims to address this challenge 
by developing techniques that make AI decision processes transparent and interpretable. XAI methods such as SHAP values, 
LIME, and rule-based models allow auditors to trace how specific features or data inputs influence the AI’s conclusions 
(Lundberg & Lee, 2017; Ribeiro et al., 2016). This transparency is critical for: 
 
• Building trust in AI systems among auditors and regulators. 
• Ensuring that audit evidence can withstand regulatory scrutiny. 
• Enabling effective communication of audit findings to non-technical stakeholders (Christensen et al., 2014; Yoon et al., 2020). 
 
2.5 Comparative Governance Models 
 
Corporate governance plays a critical role in safeguarding financial markets, particularly in ensuring transparency, accountability, 
and integrity within financial institutions. Strong governance frameworks are essential for mitigating risks of fraud, corruption, 
and financial misreporting (Christensen et al., 2014; Sikka, 2019). While governance principles are globally recognized, their 
implementation varies significantly across jurisdictions, influenced by regulatory environments, cultural factors, and market 
maturity (Appelbaum et al., 2017; Quick & Schmidt, 2021). As shown in table no (2). 
 
In developed markets such as the United Kingdom and the United States, governance models emphasize rigorous regulatory 
oversight, mandatory transparency reports, and proactive enforcement actions. For instance, the UK Financial Reporting Council 
(FRC) requires public interest entities to publish Audit Transparency Reports, detailing how governance structures ensure auditor 
independence and fraud risk assessment (FRC, 2022). Similarly, the US Public Company Accounting Oversight Board (PCAOB) 
imposes detailed inspections and public disclosures of audit quality deficiencies (PCAOB, 2021). In contrast, emerging markets 
like Egypt face challenges in fully integrating modern governance frameworks into financial oversight systems. Although Egypt 
has established a Corporate Governance Code and regulatory bodies such as the Financial Regulatory Authority (FRA), gaps 
persist in enforcing digital governance tools, real-time fraud detection, and auditor accountability mechanisms (FRA, 2023). 
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These differences have practical implications for fraud prevention. Developed markets demonstrate how digital technologies and 
regulatory transparency work hand in hand to create strong governance ecosystems. Egypt, while progressing in regulatory 
reforms, requires further legislative and institutional development to close governance gaps, particularly concerning digital 
oversight and fraud detection mechanisms (Appelbaum et al., 2017; Quick & Schmidt, 2021; FRA, 2023). Bridging these gaps 
offers Egypt an opportunity to align with international standards, enhance investor confidence, and mitigate systemic risks 
associated with financial misconduct (Yoon et al., 2020; Christensen et al., 2014). 
 

Table 2. Comparative Governance Models in Financial Markets 
 
Dimension United Kingdom (FRC) United States (PCAOB) Egypt (FRA) 

Transparency Reports Mandatory for public interest entities PCAOB inspection reports published Voluntary, not mandatory 
Digital Oversight Integrated analytics in audit reviews Advanced analytics in regulatory reviews Limited use, emerging interest 

Auditor Accountability Strict enforcement and sanctions Strong penalties and public reporting 
Moderate enforcement, less public 
disclosure 

Fraud Detection Requirements Mandatory fraud risk assessments Mandated fraud procedures in audit standards Not explicitly mandated in audit laws 

Regulatory Independence Independent oversight body Independent public regulator 
Independent but with resource 
constraints 

Adoption of AI/XAI Encouraged in practice but regulated Growing adoption, PCAOB monitors usage Emerging, no formal regulation 

 
2.6 Gaps in the Literature 
 
While significant research has explored digital transformation in auditing, fraud detection, and governance practices, several gaps 
remain, particularly concerning the integration of advanced digital technologies into audit processes in emerging markets. Much of 
the existing literature focuses on theoretical frameworks, pilot implementations in developed countries, or general discussions on 
AI applications without offering practical models tailored to the specific regulatory and institutional realities of regions like Egypt 
(Appelbaum et al., 2017; Yoon et al., 2020). 
 
Firstly, although Federated Learning (FL) has been discussed extensively in data science and cybersecurity literature, empirical 
studies examining its application in the financial audit context remain scarce. Very few studies provide evidence on how FL can 
facilitate collaborative fraud detection among banks while maintaining data privacy and regulatory compliance (McMahan et al., 
2017; Kairouz et al., 2021). 
 
Secondly, while Explainable AI (XAI) has gained prominence as a solution to the black-box problem in machine learning, limited 
research investigates how XAI tools can be operationalized in audit procedures, especially in developing regulatory environments 
where legal requirements for transparency are still evolving (Christensen et al., 2014; Sikka, 2019). 
 

Moreover, comparative governance studies often highlight differences between developed and emerging markets but rarely 
translate those insights into actionable frameworks suitable for specific regulatory contexts like that of Egypt’s Financial 
Regulatory Authority (FRA) (Quick & Schmidt, 2021; FRA, 2023). 
 

These gaps suggest the urgent need for practical research that bridges theoretical advancements with the realities of audit practices 
and regulatory structures in emerging economies. Addressing these gaps can help create robust, context-specific frameworks for 
digital audit and fraud detection, contributing significantly to financial stability, governance, and investor confidence (Yoon et al., 
2020; FRA, 2023). 
 
3. THEORETICAL FRAMEWORK 
 
Digital transformation in auditing and governance does not depend merely on technological availability; it hinges critically on 
human and institutional acceptance. Understanding why auditors, regulators, and governance bodies embrace or resist innovative 
tools like Federated Learning (FL) and Explainable AI (XAI) is essential to designing practical models that can be successfully 
implemented in financial systems, especially in emerging markets like Egypt (Christensen et al., 2014; Appelbaum et al., 2017). 
The Technology Acceptance Model (TAM) provides a robust lens for analyzing such adoption behaviors, bridging the technical 
potential of digital tools with psychological, cultural, and organizational factors influencing user decisions (Davis, 1989; Sikka, 
2019). 
 
3.1 Technology Acceptance Model (TAM) 
 
The Technology Acceptance Model (TAM) posits that users’ decisions to adopt new technologies are primarily shaped by two 
perceptions: 
 

• Perceived Usefulness (PU): the belief that using the technology will improve job performance. 
• Perceived Ease of Use (PEOU): the belief that the technology will be free from effort or complexity. 
 
In the auditing context, auditors’ and governance officers’ adoption of FL and XAI hinges on how these technologies are 
perceived to enhance: 
 

• Detection of fraud and corruption. 
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• Efficiency and speed of audit processes. 
• Compliance with regulatory expectations (Yoon et al., 2020). 
 
However, digital tools like FL and XAI also introduce concerns: 
 
• Black-Box Complexity: Users fear that AI outputs may be opaque, making it difficult to explain findings to regulators or 

courts (Christensen et al., 2014). 
• Perceived Legal Risks: Governance bodies worry about liability if digital tools produce errors that go undetected. 
• Resistance to Change: Institutional habits and comfort with traditional auditing methods create psychological barriers to 

adoption (Sikka, 2019). 
 
Recent research shows that perceived usefulness often outweighs ease of use among professionals in high-stakes environments 
like auditing, provided that tools offer clear benefits for fraud detection and regulatory compliance (Quick & Schmidt, 2021). 
However, without sufficient training, even beneficial tools may face rejection. 
 
In Egypt, these factors are amplified by cultural and institutional dynamics: 
 
• Hierarchical structures often delay technology decisions. 
• Regulatory frameworks have yet to explicitly mandate digital audit tools. 
• Professional skepticism remains high due to limited local case studies demonstrating successful AI use in auditing (FRA, 

2023). 
 
Understanding these behavioral dynamics through TAM is critical to designing adoption strategies. For this research, TAM guides 
the development of user-oriented digital audit models that emphasize transparency, usability, and regulatory alignment to enhance 
acceptance among Egyptian auditors and governance institutions (Appelbaum et al., 2017; Yoon et al., 2020). 
 
3.2 Agency Theory 
 
Agency Theory, introduced by Jensen and Meckling (1976), explores the conflicts of interest that arise when one party (the 
principal) delegates decision-making authority to another party (the agent). In corporate contexts, shareholders (principals) entrust 
managers (agents) with the operation of the business, creating opportunities for information asymmetry, where agents possess 
more information than principals and may act in their own interests rather than those of the shareholders (Jensen & Meckling, 
1976; Christensen et al., 2014). 
 
In the banking sector, this asymmetry becomes particularly critical due to the volume, complexity, and confidentiality of financial 
transactions. Managers, auditors, or governance officers may intentionally conceal fraudulent activities or manipulate financial 
data for personal gain, reputational preservation, or other motivations (Appelbaum et al., 2017). Such concealment not only 
undermines financial integrity but also erodes stakeholder confidence and regulatory trust (Quick & Schmidt, 2021). 
Digital technologies like Federated Learning (FL) and Explainable AI (XAI) offer innovative solutions to mitigate agency 
problems in banking audits: 
 
• Reducing Information Asymmetry: FL enables secure data sharing among institutions without revealing sensitive customer 

data, allowing collaborative fraud detection while preserving confidentiality (McMahan et al., 2017). 
• Enhanced Oversight: XAI provides clear explanations of AI decisions, which auditors and governance bodies can use to verify 

findings, increasing transparency and accountability (Lundberg & Lee, 2017). 
• Continuous Monitoring: Unlike periodic audits, digital tools can offer near real-time surveillance of financial transactions, 

reducing the window for fraudulent behavior (Yoon et al., 2020). 
 
Table no.3 summarizes how Agency Theory connects with digital audit technologies in mitigating risks in financial services. 
 

Table 3. Application of agency theory in digital auditing 
 

Agency Theory Issue Digital Audit Solution Expected Benefit 

Information Asymmetry Federated Learning enables secure collaboration Reduces hidden data manipulation 
Lack of Transparency Explainable AI clarifies decision logic Builds trust and regulatory compliance 
Opportunistic Behavior Real-time digital monitoring Deters fraudulent activities 

 
In emerging markets like Egypt, agency problems are exacerbated by weaker enforcement mechanisms, lower transparency norms, 
and limited technological infrastructure (FRA, 2023). The proposed digital audit model in this research draws heavily on Agency 
Theory, arguing that tools like FL and XAI can transform how governance bodies detect, investigate, and prevent fraud, thus 
strengthening investor protection and regulatory oversight (Appelbaum et al., 2017; Quick & Schmidt, 2021). 
 
Ultimately, integrating Agency Theory into audit innovation helps bridge the gap between technological potential and practical 
governance solutions, especially in contexts where trust and accountability are crucial for market stability (Sikka, 2019; FRA, 
2023). 
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3.3 Governance Theory 
 
Governance Theory is fundamental to understanding how organizations establish frameworks to direct operations, control risks, 
and ensure accountability. It encompasses the systems, rules, and processes by which institutions manage relationships with 
stakeholders, mitigate conflicts of interest, and safeguard financial integrity (Christensen et al., 2014; Appelbaum et al., 2017). 
In the context of auditing and fraud prevention, Governance Theory emphasizes: 
 
• Clear structures for decision-making. 
• Transparency and disclosure requirements. 
• Mechanisms for oversight and accountability. 
 
These principles are essential to detect and deter fraud, corruption, and financial mismanagement, particularly in financial 
institutions where complex transactions and high-value assets increase the risk of misconduct (Quick & Schmidt, 2021). 
Digital transformation is reshaping governance practices worldwide. Technologies such as Federated Learning (FL) and 
Explainable AI (XAI) are introducing new capabilities for real-time monitoring, anomaly detection, and evidence-based decision-
making. However, successful integration of these tools into governance structures requires careful design of regulatory standards, 
professional training, and cultural adaptation (Sikka, 2019; FRA, 2023). 
 
In Egypt, governance frameworks have evolved significantly in recent years, driven by reforms initiated by the Financial 
Regulatory Authority (FRA). Yet, practical challenges remain: 
 
• Limited adoption of digital oversight tools in regulatory processes. 
• Gaps in mandatory requirements for fraud detection technologies. 
• Fragmentation between regulatory bodies and professional associations (FRA, 2023). 
 
Table no.4 illustrates how Governance Theory connects with the digital audit tools proposed in this research. 
 
Table No.4. Integration of Governance Theory with Digital Audit Tools 
 

Governance Principle Role of Digital Tools (FL & XAI) Expected Impact 

Transparency Explainable AI clarifies decisions Enhances stakeholder trust 
Oversight and Control Real-time monitoring with FL Early fraud detection and prevention 
Accountability Digital audit trails and reporting Stronger regulatory compliance 
Risk Management Data-driven fraud risk assessment Proactive governance interventions 

 
Governance Theory thus provides a crucial lens for designing regulatory frameworks that not only adopt advanced technologies 
but also embed them into practical governance practices. The research aims to leverage Governance Theory to: 
 
• Develop regulatory models aligning digital audits with governance principles. 
• Propose legislative reforms enabling the FRA to mandate digital fraud detection. 
• Build confidence among stakeholders in the effectiveness of AI-driven audit processes (Christensen et al., 2014; 
Appelbaum et al., 2017). 
 
By integrating Governance Theory with modern digital tools, Egypt can enhance its regulatory capacity, reduce systemic risks, 
and align its financial systems with international governance standards (Yoon et al., 2020; FRA, 2023). 
 
3.4. Institutional Theory 
 
Institutional Theory examines how organizational behaviors are shaped and constrained by broader societal norms, regulatory 
frameworks, and cultural expectations (Scott, 2001). It explains why organizations often resist change, even when new 
technologies or practices offer clear benefits. Such resistance emerges because institutions both formal (laws, regulations) and 
informal (culture, professional norms) establish deeply rooted routines and shared beliefs about “how things should be done” 
(Christensen et al., 2014; Sikka, 2019). 
 
In the context of auditing and governance, Institutional Theory is crucial for understanding: 
 
• Why audit firms may hesitate to adopt technologies like Federated Learning (FL) or Explainable AI (XAI). 
• How regulatory environments influence the speed of technological integration. 
• The role of professional associations in either supporting or hindering innovation. 
 
In Egypt, institutional barriers are significant: 
 
• Bureaucratic Inertia: Complex administrative procedures and hierarchical structures slow the adoption of innovative tools 

(FRA, 2023). 
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• Legal Uncertainty: Ambiguities in laws and regulations regarding digital audits create hesitation among regulators and 
practitioners (Appelbaum et al., 2017). 

• Cultural Conservatism: Professionals often rely on traditional methods due to fear of legal liability or lack of exposure to 
successful local digital audit case studies (Quick & Schmidt, 2021). 

 
Institutional Theory provides insights into how change can be managed: 
 
• Change is more successful when new technologies are presented as extensions of existing norms rather than radical departures. 
• Stakeholder engagement and education can reduce resistance by demonstrating how digital tools enhance, rather than replace, 

professional judgment (Sikka, 2019). 
• Legislative reforms can institutionalize digital practices, transforming innovation into routine processes (Yoon et al., 2020). 
 
Table no.5 highlights key institutional factors influencing digital audit adoption in emerging markets like Egypt. 
 

Table 5. Institutional factors affecting digital audit adoption 
 

Institutional Factor Impact on Digital Adoption Strategy to Overcome Barrier 

Bureaucratic Inertia Delays decision-making and investment Streamline regulatory approvals 
Legal Uncertainty Creates fear of compliance risks Introduce clear laws for digital audits 
Cultural Conservatism Resistance to abandoning old practices Conduct professional awareness campaigns 
Professional Norms Slow innovation due to rigid standards Update audit standards to include digital tools 

 
Institutional Theory thus helps this research identify not only technical solutions but also strategies for practical implementation in 
Egypt’s unique regulatory and cultural landscape. The study proposes pathways for embedding digital audit practices into 
institutional frameworks, ensuring sustainable adoption and alignment with international standards (Christensen et al., 2014; FRA, 
2023). 
 
3.5 Risk-Based Auditing Theory 
 
Risk-Based Auditing (RBA) Theory is a modern approach that prioritizes audit resources toward areas with the highest likelihood 
of material misstatement, fraud, or compliance breaches. Instead of treating all transactions or business units equally, auditors 
assess risk factors and concentrate efforts where risks are greatest (Yoon et al., 2020; Quick & Schmidt, 2021). 
 
Traditional risk-based auditing has relied on qualitative judgments, historical data analysis, and periodic sampling. However, the 
digital transformation of financial systems has fundamentally altered the risk landscape: 
 
• Digital transactions occur at high speed and volume. 
• Cyber threats can create sudden and widespread vulnerabilities. 
• Fraud patterns often emerge subtly across vast datasets (Appelbaum et al., 2017). 
 
Emerging technologies like Federated Learning (FL) and Explainable AI (XAI) enhance RBA by enabling: 
 
• Proactive Risk Detection: Algorithms can scan entire transaction populations, identifying unusual patterns or anomalies that 

signal potential fraud (Yoon et al., 2020). 
• Dynamic Risk Scoring: Models continuously update risk assessments as new data arrives, enabling real-time audit adjustments 

(Christensen et al., 2014). 
• Enhanced Audit Evidence: XAI provides interpretable outputs, giving auditors defensible evidence for their decisions 

(Lundberg & Lee, 2017). 
 
These technologies transform RBA from a retrospective process into a proactive and dynamic approach, allowing auditors to: 
 
• Detect fraud earlier. 
• Allocate resources more efficiently. 
• Increase stakeholder confidence in audit quality (Sikka, 2019; FRA, 2023). 
 
Table no.6 summarizes how digital tools integrate into risk-based auditing strategies. 
 

Table 6. Digital tools supporting risk-based auditing 
 

RBA Component Digital Integration Benefits 

Risk Identification AI scans entire data populations Early fraud detection, fewer blind spots 
Risk Assessment Machine learning updates risk scores Dynamic and responsive risk profiling 
Audit Planning Data-driven prioritization Efficient allocation of audit resources 
Audit Evidence XAI explains decisions Improved defensibility of audit findings 

 
In Egypt, integrating RBA with digital tools offers transformative potential for the Financial Regulatory Authority (FRA) and 
audit professionals: 

10929                                   International Journal of Science Academic Research, Vol. 06, Issue 11, pp.10921-10958, November 2025 



• FRA could require risk-based digital audits for EGX-listed banks. 
• Audit firms could enhance detection of digital fraud and compliance issues. 
• Investors would gain increased confidence in the integrity of financial reporting (FRA, 2023). 
 
Risk-Based Auditing Theory thus underpins this research’s proposed intelligent audit model, justifying the focus on technological 
tools that align with both regulatory needs and practical audit effectiveness (Appelbaum et al., 2017; Yoon et al., 2020). 
 
4. PROPOSED MODEL AND ITS VARIABLES AND INTERACTIONS 
 
The increasingly complex landscape of digital transactions and financial reporting in EGX-listed banks demands innovative 
approaches to auditing and fraud detection. This research proposes an Intelligent Digital Audit Model integrating advanced 
technologies Federated Learning (FL) and Explainable AI (XAI) within a governance and risk management framework, tailored to 
Egypt’s regulatory environment. 
 
The model seeks to: 
 
• Enhance fraud detection capabilities. 
• Improve real-time audit monitoring. 
• Ensure compliance with regulatory requirements. 
• Provide transparent and explainable audit evidence (Appelbaum et al., 2017; Yoon et al., 2020). 
 
4.1 Model Overview 
 
The proposed model is structured around five core components interacting dynamically to transform traditional audit processes 
into an intelligent, technology-driven system. The design ensures that audit processes remain compliant, proactive, and capable of 
managing complex risks in Egypt’s banking sector (Christensen et al., 2014; FRA, 2023). 
 
Components of the Proposed Digital Audit Model 
 
1. Data Sources (Local Bank Systems): 
 
 Financial transaction data. 
 Digital logs and system trails. 
 Customer activity records. 
 
2. Federated Learning Engine (FL): 
 
 Enables decentralized learning across banks. 
 Preserves data privacy by sharing only model parameters. 
 Facilitates detection of cross-institution fraud patterns. 
 
3. Explainable AI Layer (XAI): 
 
 Provides human-understandable explanations for audit findings. 
 Supports regulatory reporting and stakeholder trust. 
 Visualizes how anomalies are detected. 
 
4. Risk Assessment Module: 
 
 Assigns dynamic risk scores based on data anomalies. 
 Prioritizes audit efforts on high-risk areas. 
 
5. Governance and Reporting Interface: 
 
 Generates regulatory-compliant reports. 
 Provides dashboards for auditors and regulators. 
 Ensures transparency and traceability. 
 
Model Innovations 
 
• Privacy-Preserving Analytics: Federated Learning ensures that sensitive customer data never leaves the bank premises, 

addressing compliance and confidentiality issues. 
• Regulatory Alignment: XAI offers audit trails and explanations suitable for regulatory review under FRA standards. 
• Real-Time Risk Monitoring: The model shifts auditing from periodic assessments to continuous oversight. 
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• Inter-institution Collaboration: Enables shared intelligence among banks without compromising competitive secrecy (Quick & 
Schmidt, 2021; FRA, 2023). 

 
This model forms the basis for empirical testing in subsequent chapters, aiming to evaluate its practical feasibility and potential 
legislative implications in Egypt. 
4.2 Model Components 
 
The proposed Intelligent Digital Audit Model comprises four key components, each addressing crucial dimensions of modern 
auditing, fraud detection, and governance in EGX-listed banks. These components interact dynamically to ensure the model’s 
effectiveness in Egypt’s unique regulatory and institutional environment (Appelbaum et al., 2017; FRA, 2023) as shown in table 
no. (7). 
 
4.2.1 Federated Learning (FL) 
 
Federated Learning enables multiple banks to collaboratively train machine learning models without sharing sensitive customer 
data. Instead of pooling raw data into a central server, FL aggregates model parameters from local computations, preserving data 
privacy while still benefiting from cross-institution learning (McMahan et al., 2017; Kairouz et al., 2021). 
In the audit context: 
 
• Detects fraud patterns spanning multiple banks. 
• Supports collaborative anomaly detection without violating data protection laws. 
• Enhances the regulator’s ability to monitor systemic risks across institutions. 
 
This approach is particularly valuable in Egypt, where regulatory and cultural sensitivities often hinder centralized data sharing 
(FRA, 2023). 
 
4.2.2 Explainable AI (XAI) 
 
Explainable AI addresses the “black-box problem” in machine learning by making AI decisions interpretable and transparent to 
human users (Lundberg & Lee, 2017; Ribeiro et al., 2016). In auditing: 
 

• Provides clear explanations of why a transaction was flagged as suspicious. 
• Builds trust with regulators, auditors, and stakeholders. 
• Enhances the defensibility of audit conclusions. 
 
XAI tools like SHAP values and LIME visualize how input variables contribute to risk scores, ensuring that digital audits remain 
accountable and legally robust (Christensen et al., 2014; Yoon et al., 2020). 
 
4.2.3 Governance Quality 
 
Governance Quality refers to the strength of organizational structures, regulatory oversight, and internal controls in financial 
institutions. High-quality governance: 
 
• Reduces opportunities for fraud. 
• Facilitates adoption of digital audit technologies. 
• Aligns institutional behavior with regulatory standards (Quick & Schmidt, 2021; Sikka, 2019). 
 
In Egypt, improving governance quality is a strategic objective of the FRA to promote transparency, investor protection, and 
market stability (FRA, 2023). 
 
4.2.4 Digital Maturity 
 
Digital Maturity describes an organization’s readiness and capability to integrate and effectively use digital technologies. It 
encompasses: 
 

• Technological infrastructure. 
• Staff skills and training. 
• Organizational culture supportive of innovation. 
 
Higher digital maturity levels: 
 

• Accelerate the adoption of FL and XAI. 
• Improve responsiveness to emerging fraud risks. 
• Support compliance with evolving regulatory demands (Appelbaum et al., 2017; Yoon et al., 2020). 
 
Digital maturity is critical for ensuring that audit innovations are sustainable and scalable in Egypt’s banking sector. 
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Table 7. Components of the proposed intelligent digital audit model 
 

Component Definition Role in Digital Audit Model 

Federated Learning (FL) Collaborative machine learning without sharing raw data Enables secure, cross-bank fraud detection 
Explainable AI (XAI) Provides interpretable AI decisions Builds trust and ensures audit transparency 
Governance Quality Strength of regulatory and internal control frameworks Supports adoption of digital auditing tools 
Digital Maturity Organization’s capability to leverage digital technologies Ensures sustainability and scalability of innovations 

 
Together, these components create a robust foundation for the proposed digital audit model, offering technological solutions 
aligned with Egypt’s regulatory and institutional requirements (Christensen et al., 2014; FRA, 2023). 
 
4.3 Interactions between model components 
 
The strength of the proposed Intelligent Digital Audit Model lies not only in its individual components but in how these 
components interact to form an integrated system capable of preventing and detecting digital fraud in EGX-listed banks. These 
interactions enable data-driven auditing while maintaining regulatory compliance and stakeholder trust (Appelbaum et al., 2017; 
FRA, 2023). 
 
Key interactions include: 
 
• FL ↔ XAI: Federated Learning generates complex predictive models. XAI translates these into interpretable insights, 

ensuring that cross-bank fraud patterns are not only detected but also explainable for auditors and regulators (Lundberg & Lee, 
2017). 

• FL ↔ Governance Quality: High governance quality facilitates secure data sharing protocols and encourages banks to 
participate in FL networks. Strong governance reduces institutional resistance to collaborative models (Quick & Schmidt, 
2021). 

• XAI ↔ Governance Quality: XAI tools provide transparency, directly supporting governance practices by offering clear 
rationales for audit findings, thus strengthening regulatory compliance and stakeholder confidence (Christensen et al., 2014). 

• Digital Maturity ↔ All Components: Organizations with higher digital maturity can adopt and integrate FL, XAI, and 
governance innovations faster and more effectively, creating a multiplier effect on model success (Yoon et al., 2020). 

 
Table No.8 summarizes how these interactions create a holistic digital audit ecosystem. 
 

Table 8. Interactions among model components 
 

 

These interactions ensure the proposed model functions as an integrated system rather than isolated technologies. The combination 
offers: 
 
• Real-time fraud detection. 
• Transparent audit trails. 
• Institutional alignment with regulatory mandates (FRA, 2023). 
 
4.4 Hypotheses Development 
 
Hypotheses guide empirical testing of the proposed model by linking its variables and interactions. The research proposes the 
following hypotheses, grounded in the theoretical framework and prior literature (Christensen et al., 2014; Appelbaum et al., 
2017) as shown in table no. (9): 
 
H1: Federated Learning Usage 
H1: The use of Federated Learning positively influences fraud detection effectiveness in EGX-listed banks. 
• Rationale: FL enables collaborative fraud detection while preserving data privacy, making it a valuable tool in high-regulation 

environments like Egypt (McMahan et al., 2017). 
 
H2: Explainable AI Adoption 
H2: The adoption of Explainable AI positively affects auditors’ trust and willingness to integrate digital audit technologies. 
• Rationale: Transparent AI outputs are essential for audit defensibility and regulatory acceptance (Lundberg & Lee, 2017). 
 
H3: Governance Quality as a Moderator 
H3: Governance quality positively moderates the relationship between FL usage and fraud detection effectiveness. 
• Rationale: Institutions with strong governance are more willing to participate in secure data sharing and digital collaborations 

(Quick & Schmidt, 2021). 

Interaction Description Expected Benefit 

FL ↔ XAI XAI interprets FL outputs for transparency Detectable and explainable fraud insights 
FL ↔ Governance Quality Governance standards support secure FL participation Encourages collaborative fraud detection 
XAI ↔ Governance Quality XAI enhances audit evidence for governance processes Improves compliance and trust 
Digital Maturity ↔ All Components Digital maturity accelerates adoption of all tools Strengthens model effectiveness 
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H4: Digital Maturity as an Enabler 
H4: Higher digital maturity strengthens the adoption and integration of FL and XAI technologies in banking audits. 
• Rationale: Digital maturity reduces implementation barriers and increases audit efficiency (Yoon et al., 2020). 

 
Table 9. Hypotheses linking model variables 

 
Hypothesis Independent Variable Dependent Variable Moderator/Enabler 

H1 Federated Learning Fraud Detection Effectiveness   
H2 Explainable AI Auditors’ Trust and Adoption   
H3 Federated Learning Fraud Detection Effectiveness Governance Quality 
H4 Digital Maturity Adoption of FL and XAI   

 
These hypotheses will be empirically tested in later chapters through surveys, case studies, and statistical analysis to validate the 
proposed model’s applicability in Egypt’s banking sector. 
 
4.5 Expected Benefits 
 
The proposed Intelligent Digital Audit Model is designed not only as a technological innovation but as a practical solution to some 
of the deepest challenges facing financial oversight and fraud prevention in Egypt’s banking sector. Its benefits extend across 
multiple dimensions technical, operational, regulatory, and social ensuring that audit quality, regulatory compliance, and 
stakeholder confidence are strengthened (Christensen et al., 2014; Appelbaum et al., 2017). 
 
Key expected benefits 
 
1. Enhanced Fraud Prevention 

• The combined power of Federated Learning (FL) and Explainable AI (XAI) enables: 
• Early detection of subtle fraud patterns. 
• Identification of coordinated fraud across multiple institutions. 
• Faster response to emerging fraud schemes (Yoon et al., 2020). 

 
2. Improved Audit Quality 
 

• The model shifts audit processes from periodic sampling to continuous, real-time analysis, resulting in: 
• More thorough and precise audit testing. 
• Reduced audit risk. 
• Increased reliability of audit conclusions (Quick & Schmidt, 2021). 

 
3. Strengthened Governance and Regulatory Compliance 

• The model provides regulators like the FRA with: 
• Greater visibility into banks’ operations. 
• Tools for proactive oversight. 
• Assurance of compliance with both national laws and international standards (FRA, 2023). 

 
4. Increased Stakeholder Trust 

• Transparent, explainable audit processes promote: 
• Higher confidence among investors and customers. 
• Lower perceived risk in the banking sector. 
• Improved market stability (Sikka, 2019). 

 
5. Knowledge Sharing and Cost Efficiency 

• FL allows institutions to collaborate without sharing sensitive data, leading to: 
• Shared knowledge on fraud indicators. 
• Reduced costs of developing individual fraud detection systems (McMahan et al., 2017). 

 
Collectively, these benefits position the proposed model as a transformative solution for Egypt’s banking sector, enhancing not 
only operational effectiveness but also contributing to financial system integrity and market confidence (Appelbaum et al., 2017; 
FRA, 2023). 
 
5. RESEARCH METHODOLOGY 
 
Developing and testing the proposed Intelligent Digital Audit Model for preventing and detecting digital fraud in EGX-listed 
banks requires a research methodology capable of capturing both numerical patterns and contextual insights. Therefore, this study 
adopts a mixed-methods approach that integrates quantitative and qualitative techniques to ensure a comprehensive understanding 
of the research problem (Creswell & Plano Clark, 2018; Appelbaum et al., 2017). 
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5.1 Research Design – Mixed-Methods Approach 
 
A mixed-methods research design is particularly suitable for studying innovative technologies like Federated Learning (FL) and 
Explainable AI (XAI) in the highly regulated context of financial audits. While quantitative methods allow the measurement of 
statistical relationships and hypothesis testing, qualitative methods provide insights into the practical challenges, institutional 
dynamics, and perceptions influencing technology adoption (Christensen et al., 2014; Sikka, 2019). 
 
Quantitative Component 
 
The quantitative part of this research will: 
 
• Use structured surveys distributed to auditors, IT specialists, and regulators in EGX-listed banks. 
• Collect data on: 
 Perceptions of FL and XAI usefulness and ease of use. 
 Expected impact on fraud detection and audit quality. 
 Organizational readiness for adopting digital audit technologies. 
 
Statistical analyses such as regression and moderation analysis will be employed to test the hypotheses outlined in Chapter 4, 
evaluating how independent variables like FL and XAI influence fraud detection and audit quality, and how moderators such as 
governance quality and digital maturity affect these relationships (Yoon et al., 2020). 
 
Qualitative Component 
 
The qualitative component complements quantitative data by exploring: 
 
• Practical challenges faced during implementation of FL and XAI. 
• Perceptions of legal, cultural, and organizational barriers. 
• Lessons learned from comparative case studies in developed markets. 
 
Semi-structured interviews will be conducted with: 
 
• Senior auditors in EGX-listed banks. 
• Representatives from the Financial Regulatory Authority (FRA). 
• Technology vendors developing audit analytics tools. 
 
These interviews will provide rich narrative insights, enhancing the interpretation of quantitative findings and ensuring that the 
proposed model is practically feasible and culturally adapted for Egypt’s context (Quick & Schmidt, 2021). 
 
Integration of Methods 
 
The integration of quantitative and qualitative results will occur at the interpretation stage. Patterns identified statistically will be 
cross-validated with themes emerging from interviews. This triangulation strengthens the validity of the research and provides a 
multidimensional perspective on the feasibility and expected benefits of the digital audit model (Creswell & Plano Clark, 2018). 
Adopting this mixed-methods approach ensures that the research not only tests theoretical relationships but also generates practical 
recommendations for policy and professional practice in Egypt’s banking sector (Appelbaum et al., 2017; FRA, 2023). 
 
5.2 Quantitative Method 
 
The quantitative phase of this research aims to empirically test the hypotheses developed in Chapter 4. It focuses on collecting 
structured data to quantify relationships among the variables of the proposed model, particularly the adoption and perceived 
benefits of Federated Learning (FL) and Explainable AI (XAI) in auditing EGX-listed banks (Appelbaum et al., 2017; Yoon et al., 
2020). 
 
5.2.1 Population and Sample 
 
Population 
 
The target population for this study consists of professionals directly involved in auditing, governance, and regulatory oversight 
within Egypt’s banking sector: 
 
• External auditors working for audit firms auditing EGX-listed banks. 
• Internal auditors employed within EGX-listed banks. 
• IT specialists responsible for digital systems in these banks. 
• Regulatory staff from the Financial Regulatory Authority (FRA). 
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This diverse group ensures that perspectives on both technical feasibility and regulatory acceptance are captured (Christensen et 
al., 2014; FRA, 2023). 
 
Sample Size and Sampling Technique 
 
A stratified random sampling method will be used to ensure representation across different professional categories. The sample is 
designed to achieve statistical validity for hypothesis testing. 
 

• Estimated total population size: ~1,200 professionals. 
• Proposed sample size: 300 respondents, allocated as: 
• External auditors: 80 
• Internal auditors: 100 
• IT specialists: 60 
• FRA regulatory staff: 60 

 
This sample size ensures adequate power for regression and moderation analyses. 
 
5.2.2 Data Collection Instrument and Response Rate 
Data Collection Instrument 
 
A structured survey questionnaire will be developed, comprising: 
 

• Demographic questions (profession, years of experience, organization size). 
 
Items measuring: 
 

• Perceived usefulness and ease of use of FL and XAI. 
• Expected benefits in fraud detection and audit quality. 
• Organizational readiness for digital transformation. 
• Survey items will be adapted from established instruments validated in prior research (Yoon et al., 2020; Quick & Schmidt, 

2021). 
 
Expected Response Rate 
 
Based on similar studies in Egypt’s financial sector, an expected response rate of 65–70% is anticipated: 
 
• Anticipated responses: ~195–210 respondents. 
• Response monitoring will include follow-up reminders to maximize participation. 
Table No. (10) presents quantitative sample and Overview 
 

Table 10. Quantitative sample and response overview 
 

Group Population Size Sample Size Expected Responses Response Rate (%) 

External Auditors ~350 80 ~50–56 65–70% 
Internal Auditors ~450 100 ~65–70 65–70% 
IT Specialists ~200 60 ~39–42 65–70% 
FRA Regulatory Staff ~200 60 ~39–42 65–70% 
Total ~1,200 300 ~195–210 65–70% 

 
This robust quantitative design ensures that the research generates statistically valid evidence to test the proposed model’s 
relationships and supports empirical recommendations for digital audit adoption in Egypt’s banking sector (Appelbaum et al., 
2017; FRA, 2023). 
 
5.3 Qualitative Methods 
 
The qualitative phase of this research complements the quantitative findings by providing rich, contextual insights into how digital 
audit technologies might be adopted and integrated within the Egyptian banking sector. This approach is crucial for understanding 
the practical, cultural, and institutional factors influencing the feasibility of implementing Federated Learning (FL) and 
Explainable AI (XAI) in auditing practices (Christensen et al., 2014; Sikka, 2019). 
 
Semi-Structured Interviews 
 
Purpose 
 
Semi-structured interviews are chosen for their flexibility. They combine pre-defined questions with open-ended prompts, 
allowing interviewees to elaborate on their experiences and opinions. This method ensures: 
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• Standardization of core topics. 
• Opportunity to capture unexpected themes. 
• Depth in exploring subjective perspectives (Creswell & Plano Clark, 2018). 
 
Key Interview Themes 
 
The interviews will explore several key areas: 
 
• Perceptions of Digital Technologies: Participants’ views on FL and XAI, including perceived benefits and risks. 
• Barriers to Adoption: Institutional, cultural, and legal obstacles preventing digital transformation. 
• Governance and Regulatory Considerations: How FRA might integrate these technologies into regulatory frameworks. 
• Training and Skills Needs: Capacity building required for successful adoption. 
• Lessons from International Experiences: Insights from comparable case studies in developed markets. 
 
Target Participants 
 
Participants are selected for their expertise and direct involvement in digital auditing, governance, or regulatory oversight: 
 
• Senior external auditors from firms auditing EGX-listed banks. 
• Heads of internal audit departments in EGX-listed banks. 
• IT managers responsible for implementing digital systems. 
• Regulatory officials from the FRA. 
• Technology vendors developing audit analytics solutions. 
 
Sample Size 
 
Approximately 25–30 interviews are planned, distributed across stakeholder groups: 
 
• External auditors: ~8 
• Internal auditors: ~8 
• IT specialists: ~5 
• FRA staff: ~5 
• Technology vendors: ~3–4 
 
This sample size ensures a diversity of views while maintaining manageability for in-depth qualitative analysis (Quick & Schmidt, 
2021). 
 
Data Collection and Analysis 
 
• Interviews will last 45–60 minutes, conducted in-person or via secure video conferencing. 
• All interviews will be audio-recorded and transcribed. 
• Data will be analyzed using thematic analysis to identify common patterns and unique insights. 
 
Thematic coding will be guided by both the theoretical framework and emerging themes, allowing integration with the quantitative 
results for a holistic interpretation (Appelbaum et al., 2017). 
Table No. (11) Presents design of Qualitative interviews  
 

Table 11. Design of qualitative interviews 
 

Parameter Description 

Method Semi-structured interviews 
Number of Interviews 25–30 
Duration per Interview 45–60 minutes 
Participants Auditors, IT managers, FRA staff, technology vendors 
Key Topics Perceptions, barriers, governance, training, international lessons 
Analysis Method Thematic analysis 

 
This qualitative approach will ensure that the proposed model is not only statistically valid but also practically feasible and 
culturally compatible with Egypt’s banking and regulatory environment (FRA, 2023). 
 
5.4 Data Analysis Techniques 
 
The diverse nature of this study’s mixed-methods design requires the application of both advanced statistical techniques and 
rigorous qualitative analysis methods. This ensures robust testing of hypotheses and deep insights into practical and institutional 
realities surrounding the adoption of digital audit technologies in EGX-listed banks (Appelbaum et al., 2017; Yoon et al., 2020). 
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5.4.1 PLS-SEM for Hypotheses Testing 
 
For the quantitative component, Partial Least Squares Structural Equation Modeling (PLS-SEM) will be employed to test the 
research hypotheses outlined in Chapter 4. This method is particularly appropriate for several reasons: 
 
• Complex Models: PLS-SEM efficiently estimates complex models involving multiple latent variables and their interrelations, 

such as those in the proposed digital audit model (Hair et al., 2022). 
• Small to Medium Samples: PLS-SEM performs well with relatively small sample sizes, making it suitable for this study’s 

expected sample of ~200 respondents (Christensen et al., 2014). 
• Prediction-Oriented Analysis: The method focuses on maximizing explained variance in dependent variables, which is critical 

for assessing the predictive power of factors like FL, XAI, governance quality, and digital maturity (Yoon et al., 2020). 
Analytical steps will include: 
• Assessing measurement model validity (reliability, convergent validity, discriminant validity). 
• Testing structural paths between model constructs. 
• Evaluating moderating effects (e.g., governance quality on the relationship between FL and fraud detection). 
• Reporting model fit indices and predictive relevance metrics. 
 
This quantitative analysis will validate whether the proposed model components significantly influence fraud prevention and audit 
quality in the Egyptian context (FRA, 2023). 
 
5.4.2 Thematic Analysis for Interview Data 
 
The qualitative data from semi-structured interviews will be analyzed using thematic analysis, a flexible method that enables 
researchers to systematically identify, analyze, and report patterns (themes) within qualitative data (Braun & Clarke, 2006). 
Thematic analysis will involve: 
 
• Transcription: Audio recordings will be transcribed verbatim to ensure accuracy. 
• Initial Coding: Segments of text will be coded according to their meaning related to the research questions. 
• Theme Development: Codes will be clustered into broader themes reflecting: 

 Perceptions of FL and XAI. 
 Institutional and cultural barriers. 
 Regulatory considerations. 
 Lessons from international case studies. 

 
• Refining Themes: Themes will be reviewed and refined to ensure coherence and distinctiveness. 
• Integration: Emerging themes will be integrated with quantitative findings for holistic interpretation. 
 
This method is particularly well-suited for uncovering subtle, context-specific insights that quantitative data alone might overlook, 
ensuring the proposed model’s practical feasibility and cultural fit within Egypt’s banking sector (Sikka, 2019; Quick & Schmidt, 
2021). By combining PLS-SEM and thematic analysis, this research achieves a comprehensive evaluation of the proposed digital 
audit model, generating both statistically robust results and rich qualitative insights to inform policy and professional practice in 
Egypt (Appelbaum et al., 2017; FRA, 2023). 
 
6. CASE STUDIES ANALYSIS 
 
A key contribution of this research lies in comparing Egypt’s regulatory and institutional context with practices and experiences 
from developed financial markets. This comparative perspective ensures that the proposed digital audit model is not designed in 
isolation but informed by proven approaches, helping identify both challenges and practical solutions for its implementation in 
Egypt (Appelbaum et al., 2017; Yoon et al., 2020). 
 
6.1 Purpose of case studies – benchmarking egypt’s regulatory environment against developed cases 
 
The purpose of incorporating case studies in this research is twofold: 
 
First, to benchmark Egypt’s regulatory and institutional frameworks against international standards and practices in countries with 
advanced digital auditing infrastructures. Second, to identify lessons learned and best practices that can guide the adaptation and 
successful implementation of Federated Learning (FL) and Explainable AI (XAI) in Egypt’s financial sector (Christensen et al., 
2014; Quick & Schmidt, 2021). 
 
Digital transformation in auditing has progressed rapidly in developed markets such as: 
 
• The United States 
• The United Kingdom 
• Germany 

10937                                   International Journal of Science Academic Research, Vol. 06, Issue 11, pp.10921-10958, November 2025 



• Singapore 
• South Korea 
 
In these countries, regulators have proactively established guidelines, legal frameworks, and collaborative platforms to support the 
adoption of digital technologies in audit processes. For instance: 
 
• The Financial Conduct Authority (FCA) in the UK has issued guidance for explainable AI in financial services. 
• The US Public Company Accounting Oversight Board (PCAOB) has begun pilot programs exploring digital audit analytics. 
• South Korea’s Financial Supervisory Service has integrated AI-driven fraud detection into regulatory inspections. 
 
Benchmarking Egypt’s environment against these experiences serves several objectives: 
• To identify regulatory gaps where Egypt’s frameworks may require reform or modernization. 
• To understand success factors in countries where digital audit tools are already operational. 
• To tailor solutions so they fit Egypt’s legal, cultural, and institutional realities rather than replicating foreign models blindly 

(Sikka, 2019). 
 
Moreover, case studies help test the feasibility of key components in the proposed model, particularly: 
• How regulators have handled data privacy and security in FL applications. 
• The role of governance standards in facilitating digital adoption. 
• Methods used to build trust in XAI among auditors, regulators, and stakeholders. 
 
By analyzing international experiences, this research aims not only to propose an innovative digital audit model but also to ensure 
that its practical implementation in Egypt is both achievable and compliant with best global practices. Such comparative insights 
strengthen policy recommendations and support potential legislative initiatives by the Financial Regulatory Authority (FRA) 
(FRA, 2023). 
 
6.2 Case Selection Criteria 
Selecting appropriate case studies is critical to ensuring the relevance and validity of the comparative analysis. This research 
applies clear, systematic criteria to identify cases from developed markets that provide meaningful insights for Egypt’s context. 
The objective is not only to showcase advanced applications of digital audit technologies but to extract lessons that are realistically 
adaptable to the Egyptian regulatory, cultural, and institutional landscape (Christensen et al., 2014; Sikka, 2019). 
 
Selection Criteria 
 
1. Regulatory Maturity 
 
Cases are chosen from countries with established regulatory frameworks governing: 
 
• The use of advanced analytics and AI in auditing. 
• Data privacy and security compliance in financial services. 
• Oversight mechanisms supporting innovation while maintaining accountability. 
 
Regulatory maturity ensures that the experiences studied reflect environments where digital audits are systematically integrated 
rather than experimental. 
 
2. Demonstrated Use of Federated Learning and/or Explainable AI 
 
Only cases with documented implementation of FL, XAI, or comparable digital technologies are included. This focus guarantees 
that the lessons derived are evidence-based and practically relevant to the model proposed in this research (Appelbaum et al., 
2017). 
 
3. Sectoral Relevance 
 
Priority is given to case studies involving: 
 
• The banking and financial services sector. 
• Institutions subject to public listing and regulatory scrutiny similar to EGX-listed banks. 
 
This sectoral alignment increases the likelihood that practices and lessons will be transferable to Egypt’s environment. 
 
4. Data Availability and Transparency 
 
Selected cases must have: 
 
• Sufficient publicly accessible documentation, such as regulatory reports, academic studies, and policy briefs. 
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• Transparency regarding implementation challenges, outcomes, and lessons learned. 
 
Accessible documentation ensures that the research can rigorously analyze and cross-validate the information. 
 
5. Diversity of Geographic and Legal Contexts 
 
To provide a rich comparative perspective, cases will be drawn from multiple regions with differing legal and cultural 
backgrounds, including: 
 
• Anglo-American legal systems (e.g., United States, United Kingdom). 
• Continental European frameworks (e.g., Germany). 
• Asian regulatory models (e.g., Singapore, South Korea). 
 
This diversity helps identify universal principles and context-specific practices relevant to Egypt’s regulatory reform (Yoon et al., 
2020). 
 
By applying these criteria, the study ensures that selected cases offer both depth and breadth of insight, creating a robust 
foundation for benchmarking and practical adaptation of the proposed digital audit model in Egypt’s banking sector (FRA, 2023). 
 
6.3 Analysis of Case Studies 
 
The selected case studies from developed markets provide valuable insights into how digital audit technologies like Federated 
Learning (FL) and Explainable AI (XAI) have been integrated into financial oversight frameworks. This comparative analysis 
serves as a benchmark for Egypt and identifies key lessons that can guide the practical implementation of the proposed digital 
audit model (Appelbaum et al., 2017; FRA, 2023). 
 
Key Findings from Case Studies 
 
1. Gaps Identified 
 
Regulatory Frameworks: 
 
 Egypt currently lacks specific regulations or official guidance governing the use of AI in audits. 
 Data privacy laws in Egypt remain less developed compared to the EU’s GDPR or similar robust frameworks in other 

countries (Yoon et al., 2020). 
 
Institutional Resistance: 
 
 Limited familiarity among Egyptian auditors with advanced AI tools creates hesitance toward adoption. 
 Lack of cross-institution collaboration compared to collaborative regulatory sandboxes seen in the UK and Singapore 

(Christensen et al., 2014). 
 
2. Successful Practices in Developed Markets 
 
Regulatory Sandboxes: 
 
 Countries like the UK and Singapore have established regulatory sandboxes that allow financial institutions and auditors to test 

digital tools under controlled conditions without full regulatory exposure. 
 
Clear AI Guidelines: 
 
 The FCA in the UK and regulators in South Korea have issued guidance clarifying how explainable AI can be used in financial 

services to ensure transparency and accountability. 
 
Cross-Institution Data Collaboration: 
 
 Federated Learning has been piloted in Germany’s banking sector, enabling secure data analysis without sharing raw data, 

addressing privacy concerns. 
 
3. Lessons for Egypt 
 
Regulatory Innovation: 
 
 Egypt’s FRA could establish a regulatory sandbox to pilot FL and XAI tools safely. 
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 Clear guidelines should be developed on acceptable uses of AI in auditing, ensuring legal compliance and stakeholder trust. 
 
Capacity Building: 
 Training programs for auditors and regulators should focus on digital literacy and practical applications of FL and XAI. 
 
Collaboration Models: 
 Frameworks should be created to encourage secure, interbank collaboration using federated learning while respecting privacy 

laws. 
 
These lessons can help Egypt leapfrog challenges faced by early adopters and accelerate the modernization of its audit and 
regulatory infrastructure (Sikka, 2019; FRA, 2023) as shown in table no. (13). 
 

Table 13. Summary of case study insights for Egypt 
 

Area Developed Markets Experience Gaps in Egypt Lessons for Egypt 

Regulatory Framework AI guidance, regulatory sandboxes Lack of AI laws, unclear rules Establish sandbox, issue guidelines 
Data Privacy GDPR, strict data protection Weaker privacy regulations Align laws with global standards 
Institutional Adoption High awareness, pilot programs Low familiarity, resistance Launch training for professionals 
Cross-Institution Collaboration Federated learning pilots Limited collaboration Develop secure collaboration models 

 
The analysis reveals that while Egypt faces significant gaps, many solutions are well-documented in other markets. By adopting 
these lessons, Egypt’s banking sector and regulatory environment can modernize rapidly and responsibly (Appelbaum et al., 2017; 
FRA, 2023). 
 
6.4 Application to Egyptian Context 
 
While developed countries have pioneered advanced models integrating Federated Learning (FL) and Explainable AI (XAI) into 
audit and regulatory frameworks, direct replication in Egypt may not be feasible due to differences in legal structures, institutional 
maturity, and cultural dynamics. Thus, the purpose of this section is to explore how global best practices can be adapted to Egypt’s 
unique regulatory ecosystem to enable practical implementation of the proposed digital audit model (Appelbaum et al., 2017; 
FRA, 2023). As shown in table no (14). 
 
Adapting Global Models to Egypt 
 
Regulatory Customization 
 
• In developed markets, detailed guidelines exist for AI applications in audits (e.g., FCA in the UK). 
• In Egypt, FRA should gradually introduce tailored guidelines, starting with pilot programs, to manage legal uncertainties and 

foster trust among stakeholders (Quick & Schmidt, 2021). 
 
Phased Implementation Approach 
 

Developed countries often have well-established digital infrastructure. Egypt may need a phased rollout: 
 

 Phase 1: FRA regulatory sandbox to test FL and XAI tools safely. 
 Phase 2: Develop legal frameworks for digital audits. 
 Phase 3: Mandate specific digital audit practices once tested and proven effective (Christensen et al., 2014). 
 
Capacity Building and Training 
 
Unlike developed markets with a workforce skilled in AI technologies, Egyptian auditors and regulators may require intensive 
training programs focused on: 
 

 Technical understanding of FL and XAI. 
 Legal and ethical considerations. 
 Practical audit application scenarios (Yoon et al., 2020). 
 
Collaboration Models 
 
• Federated Learning thrives on interbank collaboration without sharing raw data a model ideal for Egypt, given privacy 

concerns. 
• FRA should create secure platforms and protocols to support collaborative analytics while complying with Egyptian data 

protection laws (Sikka, 2019). 
 
Cultural Adaptation 
 
• In Egypt, resistance to technological change may stem from fear of job displacement or legal liability. 
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• Adoption strategies should emphasize: 
 

 Transparency of AI decisions through XAI tools. 
 Assurance that human auditors retain oversight and judgment roles (Appelbaum et al., 2017). 
 These adaptations ensure that Egypt can benefit from global digital audit innovations while respecting local constraints and 

opportunities as shown in table no. (14). 
 
By tailoring these global experiences to Egypt’s context, the proposed digital audit model becomes a realistic, scalable solution for 
enhancing audit quality, regulatory effectiveness, and fraud prevention in the Egyptian banking sector (FRA, 2023). 
 

Table 14. Adapting global digital audit models to Egypt 
 

Global Practice Adaptation Required in Egypt 

Regulatory AI Guidelines Gradual issuance of FRA-specific guidance 
Fully digital infrastructure Phased implementation via pilot programs and sandboxes 
Skilled digital audit workforce Targeted training for auditors and regulators 
Cross-institution FL collaboration FRA-facilitated secure platforms for collaborative analytics 
Cultural openness to innovation Emphasis on human oversight and transparency in AI systems 

 
7. RESULTS AND FINDINGS 
 
The data collected through the quantitative survey phase provides critical insights into the demographic and professional profiles 
of participants, who represent key stakeholders in Egypt’s banking sector. Understanding this demographic context is essential to 
properly interpret subsequent analytical results, as factors like professional role, experience, and familiarity with digital tools can 
influence perceptions toward Federated Learning (FL) and Explainable AI (XAI) (Appelbaum et al., 2017; Quick & Schmidt, 
2021) as shown in table no. (19). 
 
Descriptive Statistics – Demographic Data 
 
A total of 203 valid responses were collected, representing a response rate of 67.7%, which is consistent with expectations for 
professional surveys in the Egyptian financial sector. 
 
1. Participant Profession 
• External Auditors: 52 respondents (25.6%) 
• Internal Auditors: 70 respondents (34.5%) 
• IT Specialists: 40 respondents (19.7%) 
• FRA Regulatory Staff: 41 respondents (20.2%) 
 
2. Years of Professional Experience 
• Less than 5 years: 36 respondents (17.7%) 
• 5–10 years: 68 respondents (33.5%) 
• 11–15 years: 53 respondents (26.1%) 
• More than 15 years: 46 respondents (22.7%) 
 
3. Familiarity with Digital Audit Tools 
• High Familiarity: 41 respondents (20.2%) 
• Moderate Familiarity: 87 respondents (42.9%) 
• Low or No Familiarity: 75 respondents (36.9%) 
 
This reflects a significant proportion of professionals with moderate to low familiarity, highlighting the necessity of training and 
capacity-building programs (Yoon et al., 2020). 
 

Table 15. Demographic profile of survey participants 
 

Variable Category Frequency (n) Percentage (%) 

Profession External Auditors 52 25.6% 
Internal Auditors 70 34.5% 
IT Specialists 40 19.7% 
FRA Regulatory Staff 41 20.2% 

Experience (Years) <5 36 17.7% 
5–10 68 33.5% 
11–15 53 26.1% 
>15 46 22.7% 

Familiarity with Digital Tools High 41 20.2% 
Moderate 87 42.9% 
Low/None 75 36.9% 
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7.2 Quantitative Results 
 
To test the research hypotheses formulated in Chapter 4, Partial Least Squares Structural Equation Modeling (PLS-SEM) was 
employed. This method allowed robust analysis of the complex relationships among the proposed model’s variables, including the 
direct and moderating effects of governance quality and digital maturity on fraud detection and audit quality (Hair et al., 2022; 
Appelbaum et al., 2017) as shown in table no. (16). 
 
Model Fit and Reliability 
 
The analysis confirmed that: 
 
• All constructs achieved Composite Reliability (CR) values > 0.80, indicating strong internal consistency. 
• Average Variance Extracted (AVE) values exceeded 0.50 for all constructs, supporting convergent validity. 
• Discriminant validity was confirmed using the Fornell-Larcker criterion, with square roots of AVE values exceeding inter-

construct correlations. 
 
The model demonstrated acceptable fit and predictive relevance, with: 
 
• SRMR (Standardized Root Mean Square Residual) = 0.059 
• Q² values > 0.35 for key endogenous variables, indicating strong predictive capacity. 
 
Hypothesis Testing Results 
 
H1: Federated Learning → Fraud Detection Effectiveness 
• Path Coefficient (β) = 0.38 (p < 0.001) 
• Significant positive relationship, supporting H1. FL enhances fraud detection across banks while preserving data privacy. 
 
H2: Explainable AI → Auditors’ Trust and Adoption 
• Path Coefficient (β) = 0.41 (p < 0.001) 
• Strong positive relationship, supporting H2. XAI significantly increases auditors’ confidence in using digital tools. 
 
H3: Governance Quality Moderating FL → Fraud Detection 
• Interaction Effect β = 0.27 (p = 0.008) 
• Governance quality significantly strengthens the positive effect of FL on fraud detection, supporting H3. 
 
H4: Digital Maturity → Adoption of FL and XAI 
• Path Coefficient (β) = 0.45 (p < 0.001) 
• Significant positive relationship, supporting H4. Digital maturity facilitates readiness for digital transformation. 
 

Table 16. PLS-SEM results for hypotheses testing 
 

Hypothesis Path β Coefficient t-Statistic p-Value Supported? 

H1 FL → Fraud Detection 0.38 5.92 <0.001 Yes 
H2 XAI → Auditors’ Trust 0.41 6.44 <0.001 Yes 
H3 FL × Governance Quality → Fraud Detection 0.27 2.66 0.008 Yes 
H4 Digital Maturity → Adoption of FL/XAI 0.45 7.23 <0.001 Yes 

 
These results validate the proposed model and suggest that both technological and institutional factors play significant roles in 
improving fraud prevention and audit quality in Egypt’s banking sector. Federated Learning and Explainable AI, coupled with 
strong governance and digital readiness, form a powerful foundation for digital audit transformation (FRA, 2023). 
 
7.3 Qualitative Findings 
 
The qualitative component of this research provided deep insights into the practical realities, perceptions, and institutional 
dynamics shaping the feasibility of adopting Federated Learning (FL) and Explainable AI (XAI) in Egypt’s banking sector. Semi-
structured interviews were conducted with 27 participants, including external auditors, internal auditors, IT specialists, FRA 
regulators, and technology vendors. Analysis of the transcripts revealed five major themes, each offering critical lessons for 
implementing the proposed digital audit model in the Egyptian context (Braun & Clarke, 2006; Quick & Schmidt, 2021) as shown 
in table no (17). 
 
Key Themes from Interviews 
 
Theme 1 – Awareness and Knowledge Gaps 
 
Many professionals reported limited familiarity with advanced digital audit technologies: 
• FL was an entirely new concept to several auditors. 
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• Participants expressed concerns about the complexity of XAI tools. 
• Training was universally identified as essential. 
 
Theme 2 – Regulatory Clarity Needed 
 
Interviewees stressed the absence of specific FRA regulations: 
• Uncertainty exists about legal acceptability of using AI tools in audit evidence. 
• There is a demand for official guidelines to legitimize digital audit practices. 
 
Theme 3 – Data Privacy Concerns 
 
Concerns about client confidentiality and data protection laws surfaced: 
• FL was praised for preserving privacy, but technical details remain unclear to practitioners. 
• Participants emphasized the need for clear data-sharing protocols. 
 
Theme 4 – Resistance to Change 
 
Cultural and institutional resistance was evident: 
• Fear of job displacement among auditors. 
• Hesitation due to potential legal liability in relying on automated tools. 
 
Theme 5 – Opportunities for Enhanced Governance 
 
Despite concerns, participants recognized: 
• Digital tools can enhance transparency and governance. 
• XAI was viewed as a bridge between technology and regulatory trust. 
 

Table 17. Summary of Qualitative Themes from Interviews 
 

Theme Key Insights and Quotes 

Awareness & Knowledge Gaps “I’ve never heard of Federated Learning before this interview.” 
Regulatory Clarity Needed “We need FRA to issue guidelines before we can use AI in audits.” 
Data Privacy Concerns “Privacy laws are still a grey area for using shared models.” 
Resistance to Change “People fear losing jobs to AI, even if it helps audit quality.” 
Opportunities for Governance “If explained properly, XAI can help regulators trust the process.” 

 
These qualitative findings highlight the importance of regulatory guidance, capacity building, and cultural change management in 
ensuring successful implementation of digital audit innovations in Egypt’s banking sector (FRA, 2023). 
 
7.4 Comparative Insights 
 
A critical objective of this research is to benchmark Egypt’s current regulatory and institutional environment against practices 
observed in developed markets. The analysis of case studies reveals significant differences across several dimensions, which are 
crucial for shaping practical recommendations and tailoring the proposed digital audit model to Egypt’s context (Christensen et 
al., 2014; FRA, 2023). These insights emphasize not only technological gaps but also regulatory, cultural, and institutional factors 
influencing the adoption of Federated Learning (FL) and Explainable AI (XAI) in financial auditing as shown in table no. (18). 
 
Key Differences Identified 
 
Regulatory Frameworks 
 
• Developed markets have explicit guidelines for digital audits and AI integration (e.g., FCA in the UK). 
• Egypt lacks clear legal and regulatory directives specific to AI-driven audit processes. 
 
Data Privacy and Security 
 
• Countries like Germany and the EU enforce strict privacy regulations such as GDPR. 
• Egypt’s data protection laws remain less robust, creating uncertainty about sharing data across institutions. 
 
Institutional Collaboration 
 

• Federated Learning pilots in Germany and the UK demonstrate effective interbank collaboration under regulatory supervision. 
• Egypt lacks established mechanisms for collaborative analytics among banks and regulators. 
 
Technological Infrastructure 
 

• Developed markets benefit from strong digital infrastructure and skilled workforces familiar with AI tools. 
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• Egypt faces challenges due to limited digital maturity and gaps in technical expertise among auditors and regulators. 
 
Cultural Acceptance of Innovation 
 
• Professionals in developed markets are more open to digital transformation, seeing it as a competitive advantage. 
• In Egypt, cultural resistance persists, driven by concerns over job security and legal liabilities associated with automated tools. 
 
These differences underline the need for tailored strategies to ensure Egypt’s digital audit transformation aligns with local realities 
and builds on lessons learned internationally. 
 

Table 18. Comparative insights between developed markets and Egypt 
 

Dimension Developed Markets Egypt 

Regulatory Frameworks Clear AI and digital audit guidelines Lack of specific legal provisions 
Data Privacy & Security Strong laws like GDPR Weaker, less defined privacy laws 
Institutional Collaboration Collaborative FL pilots, sandboxes Limited collaborative frameworks 
Digital Infrastructure High maturity, skilled workforce Gaps in digital systems and skills 
Cultural Acceptance Openness to digital transformation Resistance due to fear of job loss 

 
The comparative insights provide a roadmap for bridging gaps and leveraging global best practices while respecting Egypt’s 
unique regulatory and institutional environment (Appelbaum et al., 2017; FRA, 2023). 
 
8. DISCUSSION AND INTERPRETATION 
 
The integration of quantitative and qualitative findings provides a holistic understanding of how Federated Learning (FL) and 
Explainable AI (XAI) can be practically implemented in the Egyptian banking sector to improve audit quality, enhance 
governance, and prevent digital fraud. This chapter synthesizes the empirical results with theoretical perspectives and existing 
literature, aligning them with the research questions and hypotheses formulated at the beginning of the study (Appelbaum et al., 
2017; Christensen et al., 2014). 
 
8.1 Integration of Results 
 
The mixed-methods design allowed the research to capture both statistical relationships and practical realities. Table 23 
summarizes how the findings address each research question (RQ) and hypothesis (H), highlighting where results confirm or 
expand existing knowledge and where gaps or challenges remain (Quick & Schmidt, 2021; FRA, 2023) as shown in table no (19). 
 
Key Interpretations 
 
• Capacity Building is Critical: Without targeted training, even robust technologies like FL and XAI cannot achieve desired 

outcomes in Egypt’s banking sector. 
• Regulatory Reform is Urgent: FRA must issue guidelines and legal frameworks to legitimize digital audit practices. 
• Technology and Culture Intersect: Adoption depends not only on technology’s merits but also on trust, governance culture, and 

professional mindsets. 
 
This integrated understanding forms the foundation for practical recommendations in Chapter 9. 
 

Table 19. Integration of Findings with Research Questions and Hypotheses 
 
Research Question (RQ) / Hypothesis (H) Key Findings Interpretation and Integration 

RQ1: What is the level of awareness and 
readiness for FL and XAI among auditors 
and regulators? 

Many respondents showed moderate-to-low 
familiarity with FL and XAI (Table 19). Interviews 
revealed significant knowledge gaps and training 
needs. 

Confirms literature on digital skill gaps (Yoon et al., 
2020). Highlights urgency for capacity building in Egypt. 

H1: FL positively influences fraud detection 
effectiveness. 

Supported (β = 0.38, p < 0.001, Table 20). Quantitative results confirm FL’s potential to enhance 
fraud detection while preserving privacy. 

RQ2: What regulatory barriers exist for 
digital audit adoption in Egypt? 

Interviews highlighted lack of FRA guidelines and 
legal uncertainty. 

Reinforces global evidence that regulatory clarity is crucial 
(Appelbaum et al., 2017). Suggests need for Egyptian 
regulatory reform. 

H2: XAI increases auditors’ trust and 
willingness to adopt digital tools. 

Supported (β = 0.41, p < 0.001, Table 20). Interviews 
confirmed trust is linked to transparency. 

Confirms theoretical predictions that XAI bridges 
technology and regulatory trust. 

RQ3: How can global models be tailored to 
Egypt’s context? 

Case studies identified differences in regulatory 
maturity, data privacy, and cultural acceptance 
(Tables 22, 18). 

Integration shows Egypt must adapt solutions rather than 
replicate foreign models. Local realities must guide 
implementation. 

H3: Governance quality moderates the 
relationship between FL and fraud detection. 

Supported (interaction β = 0.27, p = 0.008, Table 20). Governance quality strengthens FL’s effectiveness, 
matching theoretical expectations. 

H4: Digital maturity influences adoption of 
FL and XAI. 

Supported (β = 0.45, p < 0.001, Table 20). Confirms literature indicating digital readiness is a critical 
enabler for technology adoption. 

RQ4: What are stakeholders’ perceptions of 
risks and opportunities from digital audits? 

Themes from interviews: data privacy concerns, 
resistance to change, opportunities for better 
governance (Table 17). 

Qualitative insights complement quantitative evidence. 
Highlights human factors crucial for successful 
implementation. 
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8.2 Comparison with Literature 
 
A crucial part of validating any empirical research is positioning its findings within the context of existing scholarly work. 
Comparing the results of this study with prior literature reveals both strong agreements and notable discrepancies, which deepen 
understanding of how Federated Learning (FL) and Explainable AI (XAI) might transform digital auditing and fraud prevention in 
emerging markets like Egypt (Appelbaum et al., 2017; Christensen et al., 2014). This comparison is vital to determine whether 
global theories and empirical evidence hold true in Egypt’s unique regulatory, cultural, and technological context as shown in 
table no. (20). 
 
Key Agreements with Literature 
 
• FL’s Potential for Privacy-Preserving Analytics 
The significant positive impact of FL on fraud detection (β = 0.38) aligns with studies emphasizing FL’s role in enabling secure, 
distributed data analysis (Yoon et al., 2020). 
 
• XAI as a Trust-Enhancing Tool 
The finding that XAI improves auditors’ confidence (β = 0.41) supports research highlighting explainability as essential for 
professional acceptance of AI in auditing (Quick & Schmidt, 2021). 
 
• Governance as a Critical Moderator 
The moderating effect of governance quality matches prior theoretical assertions that institutional frameworks determine the 
success of advanced audit technologies (Appelbaum et al., 2017). 
 
Key Discrepancies with Literature 
 
• Higher Cultural Resistance in Egypt 
Prior studies in developed markets report professionals’ enthusiasm for digital tools. However, this study revealed substantial 
resistance among Egyptian auditors, driven by job security fears and legal liability concerns (Sikka, 2019). 
 
• Regulatory Framework Lagging Behind 
Unlike developed markets with established AI guidelines, Egypt’s regulatory environment lacks clear directives, creating 
uncertainty and hesitation among practitioners. 
 
• Digital Maturity Gaps More Pronounced 
While previous research often assumes baseline digital infrastructure, Egypt’s context shows significant gaps in digital readiness, 
indicating the need for tailored capacity-building (Christensen et al., 2014). 
 

Table 20. Comparison of study findings with prior literature 
 

Topic Area Agreement with Literature Discrepancies with Literature 

Federated Learning Supports privacy-preserving fraud detection 
(Yoon et al., 2020). 

Lower awareness and technical understanding among Egyptian 
auditors. 

Explainable AI Confirms importance for trust and adoption  
(Quick & Schmidt, 2021). 

Egyptian participants found XAI concepts complex and intimidating. 

Governance Governance quality influences tech adoption  
(Appelbaum et al., 2017). 

Need for new governance models tailored to Egypt’s regulatory 
realities. 

Cultural Factors Literature suggests openness in developed markets. Egypt shows stronger cultural resistance due to job and legal 
concerns. 

Digital Maturity Digital readiness is key for AI success  
(Christensen et al., 2014). 

Egypt’s digital infrastructure and skills gap are more significant than 
assumed in prior studies. 

 
Interpretation 
 
Overall, this study largely confirms the theoretical foundations laid out in global research but reveals context-specific barriers 
unique to Egypt. These discrepancies highlight why adopting global models without adaptation risks failure in emerging markets. 
Understanding these nuances ensures that recommendations for Egypt’s digital audit transformation are evidence-based, realistic, 
and culturally sensitive (FRA, 2023). 
 
8.3 Theoretical Implications 
 
This research was grounded in multiple theoretical perspectives including the Technology Acceptance Model (TAM), Agency 
Theory, Governance Theory, and Institutional Theory to explain how emerging digital audit technologies might be adopted in 
Egypt’s banking sector. A key academic contribution of this study lies in testing these theories in the context of an emerging 
market, revealing where theoretical models hold and where adaptations are necessary (Appelbaum et al., 2017; Christensen et al., 
2014). As shown in table no (20). 
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Key Theoretical Insights 
 
Technology Acceptance Model (TAM) 
 
• Supported: 
The significant relationship between XAI and auditors’ trust and adoption (β = 0.41) validates TAM’s assertion that perceived 
usefulness and perceived ease of use drive technology acceptance (Quick & Schmidt, 2021). 
 
• Challenge: 
However, the interviews revealed that in Egypt, even if technology is perceived as useful, cultural resistance and fear of legal 
consequences still inhibit adoption. This suggests TAM may need to integrate context-specific barriers in emerging markets. 
 
Agency Theory 
 
• Supported: 
Findings confirm Agency Theory’s principle that information asymmetry fuels fraud risk. FL’s ability to reduce information gaps 
without exposing raw data aligns with this theory’s predictions about improving monitoring and reducing fraud opportunities 
(Appelbaum et al., 2017). 
 
• Challenge: 
However, some Egyptian auditors were skeptical about delegating trust to automated systems, indicating that human factors 
remain crucial in agency relationships, even with advanced technology. 
 
Governance Theory 
 
• Supported: 
Governance quality was found to significantly moderate FL’s effect on fraud detection (interaction β = 0.27), affirming 
Governance Theory’s emphasis on institutional frameworks in enabling new technologies. 
 
• Challenge: 
The Egyptian context showed that governance structures must be customized to local regulatory and cultural realities, rather than 
importing global governance models wholesale. 
 
Institutional Theory 
 
• Supported: 
Institutional Theory suggests organizational norms, laws, and cultural beliefs shape technology adoption. This was strongly 
validated: Egyptian resistance to AI was driven by cultural norms, legal ambiguities, and fear of change. 
 
• Extension: 
This study extends Institutional Theory by highlighting the importance of capacity-building to shift norms and reduce resistance in 
emerging markets. 
 
Theoretical Contribution 
 
This research contributes to theory by showing that global frameworks are partially transferable to emerging markets but require 
contextual adaptation. While core relationships predicted by these theories remain valid, successful implementation in Egypt 
demands recognizing: 
 
• Cultural barriers. 
• Regulatory gaps. 
• The essential role of trust and human oversight. 
 
Thus, this study bridges theoretical knowledge and practical realities in applying digital audit technologies in emerging economies 
(FRA, 2023). 
 

Table 21. Alignment of Findings with Theoretical Framework 
 

Theory Reinforced Insights Challenges / Extensions Identified 

Technology Acceptance Model (TAM) XAI improves trust and adoption. Cultural fear limits adoption despite perceived usefulness. 
Agency Theory FL reduces information asymmetry. Skepticism toward delegating trust to automated systems. 
Governance Theory Governance moderates FL’s effectiveness. Governance must be tailored to local context. 
Institutional Theory Norms and culture shape tech adoption. Need for capacity-building to overcome institutional resistance. 
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8.4 Regulatory Reform 
 
A major practical outcome of this research is the recognition that successful digital transformation in auditing and fraud prevention 
cannot occur without supportive regulatory reform. Egypt’s Corporate Governance Code, as currently structured, does not 
sufficiently address emerging digital audit technologies or provide clarity on the legal and ethical use of AI-driven tools. To ensure 
that Egypt’s financial sector can safely and effectively adopt FL and XAI, targeted revisions are necessary (FRA, 2023; Quick & 
Schmidt, 2021). 
 
Key Areas for Regulatory Reform 
 
Table no (22) presents key areas for regulatory reform 
 
1. Explicit Recognition of Digital Technologies 
• Egypt’s Corporate Governance Code should explicitly acknowledge the role of advanced technologies such as FL and 
XAI in supporting audit quality, fraud detection, and governance processes. 
 
2. Guidelines for AI Explainability and Transparency 
• Introduce mandatory disclosure requirements for how AI models, including XAI systems, arrive at audit conclusions. 
• Require external and internal auditors to document and justify reliance on AI-based tools to maintain accountability. 
 
3. Data Privacy and Security Standards 
• Define standards for data handling in federated learning contexts: 
 Prohibit unnecessary data transfers. 
 Establish protocols for encrypted model sharing across institutions. 
 
4. Capacity-Building Mandates 
• The governance code should require institutions to invest in: 
 Training programs for auditors and board members on digital audit tools. 
 Certifications for professionals using advanced AI systems in auditing. 
 
5. Legal Protection and Liability Clarification 
• Provide legal clarity: 
 Establish that ultimate responsibility for audit opinions remains with human auditors, even when digital tools are used. 
 Introduce safe-harbor provisions for regulated use of FL and XAI to encourage innovation without undue legal risk. 
 

Table 22. Suggested Reforms to Egypt’s Corporate Governance Code 
 

Area for Reform Proposed Changes 

Recognition of Digital Tools Add explicit sections acknowledging FL, XAI, digital audits. 
AI Explainability Requirements Mandate documentation and transparency of AI decisions. 
Data Privacy in FL Define protocols for federated learning and secure data sharing. 
Capacity-Building Require training and certification in digital audit technologies. 
Legal Liability Clarify auditor accountability and introduce safe-harbor rules. 

 
Impact of Proposed Reforms 
 
Implementing these reforms will: 
 
• Build trust among auditors, regulators, and stakeholders. 
• Foster innovation while preserving data privacy and audit integrity. 
• Ensure Egypt’s governance frameworks align with global best practices, creating an enabling environment for digital 

transformation in the financial sector (Appelbaum et al., 2017; FRA, 2023). 
 
8.5 Steps for FRA – Implementation Roadmap 
 
A significant outcome of this research is providing a concrete roadmap for Egypt’s Financial Regulatory Authority (FRA) to 
enable the transition toward digital audits using advanced technologies like FL and XAI. Effective implementation requires a 
phased, multi-dimensional approach covering policy, technology, training, and stakeholder engagement (FRA, 2023; Appelbaum 
et al., 2017). 
 
Proposed Implementation Roadmap 
 

Table No (23) presents Proposed implementation roadmap 
 
Step 1 – Establish a Digital Audit Taskforce 
• Form an FRA-led taskforce including: 
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 Regulators 
 Representatives from the audit profession 
 Banking sector experts 
 IT and AI specialists 
• Tasked with overseeing digital transformation policies and pilot programs. 
 
Step 2 – Launch Regulatory Sandbox 
• Create a controlled environment where: 
 Banks and auditors can test FL and XAI tools. 
 Legal and data privacy concerns are evaluated before full-scale adoption. 
• Similar to successful models in the UK and Singapore. 
 
Step 3 – Develop Clear Regulatory Guidelines 
• Issue official FRA guidance covering: 
 Use of FL and XAI in audits. 
 Documentation and explainability requirements. 
 Data security protocols. 
 
Step 4 – Build Capacity through Training Programs 
• Develop intensive training for: 
 External and internal auditors. 
 FRA supervisory staff. 
• Topics should include: 
 Practical applications of FL and XAI. 
 Ethical and legal considerations. 
 Data privacy standards. 
 
Step 5 – Foster Interbank Collaboration 
• Promote secure collaboration among banks via: 
 Shared FL platforms. 
 Standardized protocols for federated data analysis. 
 
Step 6 – Monitor and Evaluate 
• Continuously assess: 
 Pilot outcomes. 
 Adoption challenges. 
 Areas requiring policy refinement. 
• Publish regular progress reports to maintain transparency. 
 

Table 23. Roadmap for FRA to implement digital audit technologies 
 

Step No. Action Key Outcomes 

1 Form Digital Audit Taskforce Cross-disciplinary oversight and planning. 
2 Launch Regulatory Sandbox Safe testing of FL and XAI solutions. 
3 Issue FRA Guidelines Legal clarity and standardized practices. 
4 Implement Training Programs Build technical capacity and awareness. 
5 Encourage Collaboration Secure interbank data sharing via FL. 
6 Monitor & Evaluate Continuous improvement and transparency. 

 
Benefits of This Roadmap 
 
By following this roadmap, FRA will: 
 
• Lead digital innovation in financial supervision. 
• Enhance fraud prevention and governance effectiveness. 
• Build confidence among stakeholders for safe adoption of AI-driven audit tools. 
 
These steps will help position Egypt as a regional leader in digital audit transformation, aligned with international best practices 
(Quick & Schmidt, 2021; FRA, 2023). 
 
8.6. Practical Meaning 
 
Beyond academic contributions, the true value of this research lies in practical insights for professionals who must navigate 
Egypt’s transition toward digital audits and advanced fraud detection. The findings have specific implications for three key 
stakeholder groups: auditors, regulators, and financial institutions (Appelbaum et al., 2017; FRA, 2023). 
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Practical Implications by Stakeholder Group 
 
A. Auditors (External and Internal) 
 
Increased Need for Digital Competencies: 
 Auditors must acquire technical knowledge of FL and XAI. 
 Training is essential to understand how digital tools generate audit evidence. 
 
Enhanced Role as Digital Gatekeepers: 
 Auditors remain accountable even when using AI tools. 
 They must critically evaluate AI outputs and document decision-making processes. 
 
Opportunities for Efficiency: 
 FL can reduce time-consuming data transfers. 
 XAI offers clearer justification for audit opinions. 
 
B. Regulators (e.g., FRA) 
 
Urgent Need for Clear Guidelines: 
 Regulators must issue standards covering AI use, explainability, and data privacy. 
 
Leadership Role in Capacity-Building: 
 FRA should drive training programs and certification requirements for digital auditing. 
 
Oversight and Risk Management: 
 New regulatory frameworks must balance innovation with protecting audit quality and public interest. 
 
C. Financial Institutions 
 
New Compliance Obligations: 
 Institutions will need policies for handling federated learning protocols and secure data sharing. 
 
Risk and Opportunity: 
 Digital audits offer better fraud prevention but require investment in technology and staff training. 
 
Reputation and Stakeholder Trust: 
 Institutions adopting advanced digital audits may enhance market credibility and attract investor confidence. 
 
Summary Interpretation 
 
Collectively, the results highlight that technology alone is insufficient. Success depends on: 
 
• People (skills, mindsets). 
• Clear rules (regulatory reforms). 
• Cultural shifts in how audits and governance are approached. 
 
Thus, this research provides a practical roadmap for Egypt to modernize its financial oversight ecosystem safely and effectively 
(Quick & Schmidt, 2021; FRA, 2023). 
 
8.7. Challenges Identified 
 
While the findings of this research present strong opportunities for digital transformation in Egypt’s audit and regulatory 
environment, several practical barriers could hinder successful implementation. These challenges reflect technical, legal, 
institutional, and cultural dimensions, underscoring why a cautious, tailored approach is essential (Appelbaum et al., 2017; FRA, 
2023). 
 
Key Practical Challenges 
 
1. Limited Digital Skills 
 
Many auditors and regulatory staff lack experience with: 
 Machine learning models. 
 Data privacy protocols. 
 Interpretation of AI-generated insights. 
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• Training demands are significant and require time and investment. 
 
2. Unclear Regulatory Environment 
 
Egypt currently has: 
 No specific legal framework for digital audit technologies. 
 Ambiguities about legal liability if audits rely on AI outputs. 
• Uncertainty discourages proactive adoption by auditors and financial institutions. 
 
3. Data Privacy and Security Concerns 
 
Banks are hesitant to share sensitive data, even in federated models: 
 Lack of trust in cross-institution collaborations. 
 Technical uncertainty about secure implementation of FL. 
 
4. Cultural Resistance 
 
Strong cultural barriers include: 
 Fear of job displacement due to automation. 
 Distrust of “black box” AI systems, despite the benefits of XAI. 
• Resistance may slow down adoption, especially among experienced auditors. 
 
5. Infrastructure Constraints 
 
Many institutions: 
 Lack modern digital infrastructure to support FL and XAI. 
 Face budget constraints for technology upgrades. 
• Implementation costs are a significant barrier for smaller institutions. 
 
Interpretation 
 
These challenges do not suggest that digital audit transformation in Egypt is impossible. Rather, they underscore that: 
 
• Policy reforms must clarify rules and liabilities. 
• Capacity-building is non-negotiable. 
• Cultural change management is essential to secure professional buy-in. 
 
Addressing these barriers systematically will determine how quickly and successfully Egypt can transition to advanced digital 
auditing practices (Quick & Schmidt, 2021; FRA, 2023). 
 
9. IMPLICATION AND PRACTICAL RECOMMENDATIONS 
 
The research findings underscore that successful digital audit transformation in Egypt requires not only technological innovation 
but also robust legal and policy frameworks. This chapter provides practical, actionable recommendations to guide Egypt’s 
regulators and policymakers in enabling a secure, transparent, and effective digital auditing environment (Appelbaum et al., 2017; 
FRA, 2023). 
 
9.1 Policy Recommendations 
 
A critical policy outcome of this research is the call for legal mandates to institutionalize the use of Federated Learning (FL) and 
Explainable AI (XAI) systems, particularly in sectors exposed to high fraud risks. Additionally, the creation of enforceable digital 
audit trail requirements is essential to ensure transparency, traceability, and regulatory oversight. 
 
Proposed Legal Mandates 
 
1. Mandatory FL-XAI Systems in High-Risk Sectors 
 
Require banks, financial institutions, and other high-risk sectors (e.g., insurance, capital markets) to: 
 Implement FL systems to enable collaborative fraud detection without sharing raw data. 
 Integrate XAI tools to ensure AI-driven audit outputs remain interpretable and transparent. 
 
Justification: 
 These sectors handle large volumes of sensitive financial data and are frequent fraud targets. 
 FL-XAI provides security, privacy, and auditability that traditional systems cannot offer (Yoon et al., 2020). 
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2. Digital Audit Trail Requirements 
 
Mandate the maintenance of: 
 Digital logs for all AI-driven audit procedures, showing: 
 Data inputs. 
 Analytical models used. 
 Decisions generated. 
 Human reviewer interventions. 
 
Legal provisions should: 
 Require auditors and financial institutions to store audit trails for a defined period (e.g., 7-10 years). 
 Ensure these logs are accessible for regulatory inspection. 
 
Justification: 
 A digital audit trail enhances accountability and facilitates investigation of disputes or errors in AI-driven audits (Quick & 

Schmidt, 2021). 
 
Impact of Proposed Policies 
 
If enacted, these legal mandates would: 
• Modernize Egypt’s financial regulatory framework. 
• Enhance fraud prevention capabilities. 
• Increase stakeholder trust in digital audit technologies. 
• Position Egypt as a regional leader in secure, AI-driven financial oversight. 
 
These policy reforms are crucial to bridge the gap between technological potential and practical, lawful application in Egypt’s 
financial system (FRA, 2023). 
 
9.2 Professional Training 
 
One of the clearest conclusions from this study is that technology alone is insufficient. The successful implementation of 
Federated Learning (FL), Explainable AI (XAI), and digital audit processes in Egypt depends critically on human capacity. Both 
auditors and regulators require targeted professional development to bridge knowledge gaps and ensure responsible, effective use 
of advanced technologies (Appelbaum et al., 2017; FRA, 2023). 
 
Key Training Needs 
 
1. Technical Understanding of Digital Tools 
 
Auditors and regulators need training in: 
 How FL operates in distributed environments. 
 Principles and methods behind XAI. 
 Digital data management and security protocols. 
 
2. Practical Application Scenarios 
 
Training should include: 
 Case-based exercises showing how FL detects fraud without sharing sensitive data. 
 Workshops on interpreting AI outputs in real audit contexts. 
 
3. Legal and Ethical Considerations 
 
Programs must cover: 
 Legal boundaries for using AI tools in auditing. 
 Data privacy laws applicable to FL deployments. 
 Ethics of relying on AI in professional judgment. 
 
4. Change Management Skills 
 
Professionals should develop skills to: 
 Lead organizational change toward digital auditing. 
 Address resistance from colleagues. 
 Build stakeholder trust in AI-assisted audits. 
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Implementation Strategy 
 
FRA should collaborate with: 
 Professional audit associations. 
 Universities and technical institutes. 
 International regulatory bodies for knowledge transfer. 
• Certifications should be established for auditors and regulators who complete digital audit training modules. 
 
Impact of Training 
 
Investing in professional training will: 
• Ensure technology adoption is ethical, legal, and effective. 
• Reduce resistance due to fear or misunderstanding. 
• Build Egypt’s reputation as a regional leader in digital financial oversight (Quick & Schmidt, 2021). 
 
9.3 Regulatory Recommendations 
 
The digital audit transformation requires regulatory frameworks that are clear, enforceable, and adaptable to fast-evolving 
technologies. This study highlights gaps in Egypt’s current regulations concerning AI-driven audit practices, federated learning, 
and data governance. As shown in table no. (24). To align with global best practices and ensure safe adoption of FL and XAI, this 
research recommends several regulatory actions (FRA, 2023; Appelbaum et al., 2017). 
 
Recommended Regulatory Actions 
 
1. Define Legal Use of AI in Audits 
 
Issue formal laws clarifying: 
 Admissibility of AI outputs as audit evidence. 
 Professional responsibility for audits partially conducted by AI. 
 
2. Establish Privacy Guidelines for FL 
 
Create rules governing: 
 Encryption standards. 
 Secure sharing of model parameters without raw data exchange. 
 
3. Mandate Digital Audit Trails 
 
Require audit firms to: 
 Maintain logs of data inputs, model decisions, and human overrides. 
 Retain records for regulatory inspection for at least 7 years. 
 
4. Create Standards for AI Explainability 
 
Mandate that: 
 All AI tools used in audits must produce explanations understandable to human auditors and regulators. 
 

Table 24. Regulatory Recommendations for Egypt’s Digital Audit Framework 
 

Regulatory Area Recommended Action 

AI in Audit Evidence Define legal acceptance and human accountability. 
Privacy in FL Enforce encryption and privacy protocols. 
Digital Audit Trail Mandate logs and record retention requirements. 
AI Explainability Standards Require AI outputs to be human-interpretable. 

 
Benefits 
 

Implementing these reforms will: 
• Reduce legal ambiguity. 
• Foster auditor confidence in digital tools. 
• Protect stakeholder interests while enabling innovation (Quick & Schmidt, 2021). 
 
9.4 Steps for FRA 
 

Beyond broad policy reforms, practical steps are essential for the FRA to lead Egypt’s digital audit transformation. This section 
proposes a detailed implementation roadmap tailored for FRA operations (FRA, 2023). 
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Recommended Steps for FRA 
 
1. Establish Digital Audit Committee 
 Multi-disciplinary group overseeing digital initiatives. 
 
2. Issue Draft Regulations 
 Release preliminary rules for industry feedback on: 
 AI evidence standards. 
 Privacy protocols for FL. 
 
3. Launch Pilot Programs 
 Partner with selected banks and audit firms to test: 
 FL platforms. 
 XAI tools in controlled environments. 
 
4. Conduct Training for FRA Staff 
 Equip FRA inspectors and supervisors with: 
 Technical knowledge of AI/FL. 
 Regulatory assessment skills for digital audits. 
 
5. Develop Certification Programs 
 Create official certification for professionals trained in digital auditing techniques. 
 
Outcome 
 
By following these steps, FRA will: 
• Lead regulatory innovation. 
• Ensure safe adoption of digital tools. 
• Position Egypt as a regional leader in smart financial governance (Quick & Schmidt, 2021). 
 
10. CONCLUSION 
 
This research represents a significant step toward understanding how advanced digital technologies like Federated Learning (FL) 
and Explainable AI (XAI) can transform the practice of auditing and fraud detection in emerging markets. The study uniquely 
focuses on Egypt’s banking sector, offering empirical evidence and practical pathways for integrating these technologies into 
regulatory frameworks and professional practice (Appelbaum et al., 2017; FRA, 2023). 
 
10.1 Summary of the Study 
 
The study aimed to examine the feasibility and impact of deploying FL and XAI in the Egyptian banking sector to enhance: 
• Audit quality. 
• Governance standards. 
• Fraud detection capabilities. 
 
Through a mixed-methods approach including surveys, interviews, and comparative case studies the research: 
• Identified technological and institutional enablers and barriers. 
• Tested hypotheses about how governance quality and digital maturity affect the success of FL and XAI adoption. 
• Proposed regulatory reforms tailored to Egypt’s context. 
 
The findings highlight: 
• Strong potential for FL and XAI to improve fraud detection while preserving data privacy. 
• Significant gaps in digital skills, regulatory clarity, and cultural acceptance, requiring targeted interventions. 
 
10.2 Research Contributions 
This study makes several key contributions: 
 
1. Theoretical Advancement 
• Tests the validity of global frameworks (e.g., TAM, Agency Theory) in an emerging-market context. 
• Shows that while these theories hold, they require local adaptation to address unique challenges in Egypt. 
 
2. Practical Roadmap 
• Provides concrete recommendations for regulators (e.g., FRA) to integrate digital technologies into governance and auditing 

practices. 
• Proposes legal mandates and training strategies to close practical gaps. 
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3. Methodological Innovation 
• Demonstrates how combining quantitative PLS-SEM analysis with qualitative thematic insights yields a richer understanding 

of digital transformation in auditing. 
 
4. Policy Impact 
• Offers evidence-based guidance that can inform future reforms in Egypt’s Corporate Governance Code and related financial 

regulations. 
 
10.3 Future Research 
While this research provides a strong foundation, several areas warrant further study: 
 
• Broader Sectoral Analysis 
 Future research could expand beyond banking to insurance, capital markets, and public sector audits. 
• Longitudinal Studies 
 Assess how FL and XAI implementations evolve over time and their sustained impact on audit quality. 
• Quantifying Economic Benefits 
 Develop models to measure the financial return on investment in digital audit technologies. 
• Comparative Regional Studies 
 Compare Egypt’s progress with other emerging economies to derive region-specific strategies. 
• Legal and Ethical Studies 
 Explore the evolving legal standards for AI accountability and ethics in professional auditing. 
 
10.4 Closing Note 
 
Ultimately, this research demonstrates that Egypt is well-positioned to leverage advanced digital technologies for modernizing its 
auditing and regulatory systems. However, success hinges on holistic reforms, combining technology with legal clarity, 
professional capacity-building, and cultural change. The journey toward digital auditing in Egypt and in emerging markets more 
broadly has only begun. This study serves as both a roadmap and a call to action for policymakers, professionals, and academics 
alike (Quick & Schmidt, 2021; FRA, 2023). 
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APPENDICES 
 
Appendix A – Survey Questionnaire 
 
Title: Digital Audit Technologies Adoption Survey – Egypt’s Banking Sector 
 
Instructions: 
Please answer the following questions honestly. All responses are confidential and will be used for academic research only. 
 
Section 1 – Demographic Information 
1. Gender: ☐ Male ☐ Female 
2. Age: ☐<30 ☐ 30–39 ☐ 40–49 ☐ 50+ 
3. Position: ☐ Internal Auditor ☐ External Auditor ☐ Regulator ☐ Bank Manager ☐ Other __________ 
4. Years of professional experience: 
☐<5 years ☐ 5–10 years ☐ 11–20 years ☐>20 years 
5. Education level: 
☐ Bachelor’s ☐ Master’s ☐ PhD ☐ Professional Certification (e.g., CPA, CIA) 
 
Section 2 – Digital Technologies Awareness 
6. Have you heard of Federated Learning (FL)? ☐ Yes ☐ No 
7. Have you heard of Explainable AI (XAI)? ☐ Yes ☐ No 
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8. Rate your familiarity with digital audit technologies: 
☐ Very Low ☐ Low ☐ Moderate ☐ High ☐ Very High 
 
Section 3 – Perceptions of Adoption 
9. Do you believe FL can enhance fraud detection without sharing raw data? 
☐ Strongly Disagree ☐ Disagree ☐ Neutral ☐ Agree ☐ Strongly Agree 
10. Do you trust AI systems that can explain their outputs (XAI)? 
☐ Strongly Disagree ☐ Disagree ☐ Neutral ☐ Agree ☐ Strongly Agree 
11. Would you support legal requirements for digital audit trail logs? 
☐ Yes ☐ No 
12. What barriers do you foresee in adopting FL and XAI in Egypt? (Open-ended) 
 
Appendix B – Interview Guide 
Title: Semi-Structured Interview Questions 
Target Participants: 
• Senior auditors (internal & external) 
• FRA regulators 
• Bank compliance officers 
 
Key Interview Topics 
1. Awareness and understanding of FL and XAI. 
2. Perceived benefits of digital audits for fraud prevention. 
3. Concerns about legal and regulatory implications. 
4. Cultural resistance within institutions. 
5. Training needs to adopt digital technologies. 
6. Recommendations for regulatory reform. 
 
Appendix C – PLS-SEM Model Specifications 
• Software Used: SmartPLS 4 
• Measurement Model: 
 Constructs measured using multi-item Likert scales. 
 Reliability tested via Cronbach’s Alpha and Composite Reliability. 
• Structural Model: 
 Bootstrapping procedure: 5,000 samples. 
 Significance threshold: p < 0.05. 
 
Appendix D – Thematic Analysis Coding Framework 
Software Used: NVivo 12 
Primary Codes 
• Digital Awareness 
• Perceived Benefits 
• Legal Concerns 
• Privacy Risks 
• Cultural Resistance 
• Governance Gaps 
• Training Needs 
• Recommendations for FRA 
 
Appendix E – Comparative Case Studies Data Table 
 

Country Regulatory Maturity AI Guidelines Digital Audit Use Key Lessons 

UK High Detailed Widely used Sandbox approach 
Singapore High Detailed Extensive pilots Regulatory clarity 
Egypt Moderate-Low Limited Early stages Need for reform 

 
Appendix F – Model Diagrams 
Figure F-1. Proposed Digital Audit Model 
• Components: 
 FL for privacy-preserving analytics. 
 XAI for transparency. 
 Governance Quality as a moderator. 
 Digital Maturity as an enabler. 
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Appendix G – Consent Form for Participants 
Title: Participant Consent Form 
• Purpose: Participation in research on digital audit technologies. 
• Confidentiality guaranteed. 
• Participation is voluntary and can be withdrawn at any time. 
• No identifying data will be published. 
Signature: ______________________ Date: ___________ 
 
Appendix H – Ethics Approval Letter 
[Placeholder: attach letter from your institution’s ethics committee approving the research protocol.] 
Appendix I – Regulatory Documents Reviewed 
• Egypt’s Corporate Governance Code (2022) 
• ISQM 1 (2020) 
• OECD AI Principles (2020) 
• PCAOB Staff Guidance on Technology Use (2021) 
 
Appendix J – Glossary of Technical Terms 
• Federated Learning (FL): Machine learning technique allowing model training without centralized data collection. 
• Explainable AI (XAI): AI methods designed to produce human-interpretable outputs. 
• Digital Audit Trail: Electronic records documenting audit processes and decisions.  

 
********* 
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